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Abstract 
 

Centre of attraction of paper is on the main complication on classification of Big Data on network encroachment on traffic. It also ex-

plains the disputes this system faces that is bestowed by the Big Data difficulties that are correlate with the network interruption forecast. 

Forecasting of an attainable interruption in a network entails a prolonged accumulation of traffic information or data and being able to get 

the concept on their features on motion. The constant accumulation in the network of traffic data thereafter ends with Big Data difficul-

ties that as a result of the large amount, change and possessions of Big Data. In order to learn the features of a network, one needs to have 

the skills in the machine techniques that are always able to capture world skills and knowledge of the traffic to be in order. The properties 

of Big Data will always end to an important system disputes to be able to apply machine learning foundation. The paper also discusses 

the disputes and problems in the way of taking care of Big Data categorization representing geometric techniques of learning along with 

the existing technologies of Big networking. The study particularly explains challenges that have a relationship with the combined di-

rected by the techniques one learns, machine long learning techniques, and representation-learning techniques and technologies that are 

related to Big Data for example Hive, Hadoop and Cloud that are basics that enhances problem-solving that gives relevant solutions to 

classification problems in traffic networking. 
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1. Introduction 

Currently, Big Data is being described using its three basic fea-

tures that are variety, velocity, and its volume.[1] The description 

means that some of the points when the velocity, capacity, and 

difference of the data and information has an increment,[2] the 

technologies, and its current technologies may sometimes not be 

able to grip storing of data and its transformations processes of 

information at this stage thus explained as large data.  

The study that has been done on Data in terms of Big Data is usu-

ally explained or described as a method of evaluating and having 

the concept on the properties of big size datasets by drawing out 

important geometric and statistical arrangements[3]. Perfectly the 

three mentioned characteristics of a dataset also create an incre-

ment in the complexity of the data and therefore making sure the 

contemporary methods or techniques and sciences stop working as 

it is expected within a given processing period. For instance, net 

work trafficking, risk analysis, geospatial classification, and busi-

ness forecasting are some of the applications that experience Big 

Data difficulties.  Time-sensitive applications are applications that 

require a highly persuasive Big Data technologies and techniques 

in order for them to equip with the difficulties on the fly[4]. Some 

examples of this applications include Network intrusion detection 

and prediction systems. 

Network intrusion detection and prediction are examples of such 

sensitive applications. Cloud technology, Hadoop Distributed File 

Systems[5], and Hive database techniques can be grouped together 

in order to the difficulties like the Classification of Big data. Nev-

ertheless, the software which need a constant development in the 

rule of Big Data that includes a system of intrusion forecast and 

geospatial have high chances of suffering from Big Data difficul-

ties automatically[6]. 

The difficulties and disputes in this paper that are correlated with 

embedding of up-to-date technologies of networking and tech-

niques of machines learning  that are used in giving solutions to 

Big Data categorization difficulties for network intrusion predic-

tion are also considered[7]. 

Firstly, disputing issues rests on the new description of Big Data; 

that shows the data traffic network content the attributes of Big 

data for the categorization of Big Data[8]. Ideally, it is the earliest 

in order significant task to deal with it so that in order to make the 

analytics of Big data efficient and effective with the price. The 

first discovery of the features or attributes of Big Data can help in 

supporting price-effectiveness strategies - to many businesses to 

prevent the unwanted distribution of technologies of Big Data[3]. 

The data in the science of logical analysis of some data and infor-

mation may not need Big Data techniques and technologies. The 

new or strong entrenched technologies may, therefore, be enough 

to take care of activities such as storage of data and processing of 

data. Therefore an earlier evaluation plus comprehension is re-

quired in data characteristics classification[9][10]. 

1.1. The Proof of Big Data 

The new examination or study in the Big Data discipline has dis-

regarded the first discovery of the Big Data attributes. An example 

for in study is the existing description of the Big Data described 

space of on 3D, V3 that is made by the three variables that are 

volume capacity, velocity, and  also variety that cannot support an 

appropriate podium for the first discovery of attributes of Big Data 

for its stratification[11]. 

http://creativecommons.org/licenses/by/3.0/
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Fig.1: Definition of V3 Characteristics of Big Data 

 
Fig.2: Definition C3 of characteristics of Big Data 

1.2. The Definition of Big Data Features  

Volume in Big Data, it describes or development of data volume, 

the arbor of velocity stands for addition in acceleration such that 

data should be prepared, arbour of the various aspects shows de-

velopment in the extra data types. If we assume that the dataset 

has some numbers of zero, a portion of m of this numbers, n num-

bers of twos and so on such that there is an infinity growth that 

does not end. Therefore, the V3 space will require it as Big Data 

for instance by the fact that it is small data[12].  

 
Fig. 1: Big data example  

Examining in contrast to describing a measure of the metric in the 

attributes of metric to measure of attributes of Big data in the V3 

space, this is recorded to make it easier to establish C3 metric 

space by employing mathematical tools and some important tools 

in statistics[13]. 

The unending describes to attributes that are named below: pro-

longed enhancement in the size of data with respect to the needs 

plus representing data by use of progressive functions. Also, the 

complicatedness describes three attributes and include: big differ-

ences in data type , high spatial dataset; along with the accelera-

tion of data which is being processed should be high.[14] 

 

1.3. Big Data Management.  

The cardinality limit usually counts on the need for an efficient 

appropriated file system that will enable the capturing of data, 

storing and evaluating the network traffic for intrusion prediction. 

Therefore complicatedness and unending parameters will always 

add more problems to the task of being in charge or taking control 

over the Big Data. Hence the network geography must be con-

structed in a manner that the Bid Data Analytics difficulties can be 

taken care of effectively with the goal of cost-effectiveness[15].  

1.4. Network Topology  

The up-to-date modern computer technologies, such as public 

cloud and HDFS, can play a role in relieving the cardinality diffi-

culties in Big Data Analytics[16]. They can also be joined in order 

to build a big and adaptive network topology that contains a store 

that is be able to make adjustments depending on processing needs 

of big data. In some situations, this joined model can initiate sev-

eral disputes that should be taking care of effectively. This type of 

a joined model is made up of four units that are: NTRS, User In-

teraction and Learning System (UILS) AND Cloud Computing 

Storage System (CCSS). The Network Traffic Recording System 

(NTRS) unit in the joined model enables capturing of network 

traffic and flows it over to the traffic data to the CCSS unit in 

order for the unit to give additional data and information[17]. 

Most of the Cloud Computing Storage System is capable of using 

the Hive database in storing its data. The User Interaction and 

Learning System (UILS) is the central unit that takes control of 

everything including storage of data and data requirements[18]. 

 
Fig.2: Embracing Big Data 

2. Communication Challenges  

Research in networking of computers and its uses, communication 

cost is set as the mains responsibility examining in contrast with 

the processing activity cost of the same data in the mentioned 

topology. The main concern dispute in this is how to minimize the 

rate of communication cost while at the same time be able to meet 

the needs of the more data requirements from the public cloud for 

Big Data processing[19]. There are two major network facial 

characteristics that will essentially has effect on communication 

with the clients and the cloud server. They include bandwidth or 

latency[8]. Communication interference 

h right, as in (1). Your equation should be typed using the Times 

New Roman font (please no other font). To create multileveled 

equations, it may be necessary to treat the equation as a graphic 

and insert it into the text after your paper is styled. 

between clients and cloud server is a large problem that has asso-

ciated itself with disputes to search results that unfavourably inter-

feres with needs of the Big Data processing at the Cloud Compu-

ting Storage System unit and also at the UILS. In order for the 
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machine learning techniques that are using the technologies to be 

improved, the disputes and difficulties should be kept in mind[20]. 

2.1. Security Challenges 

In cloud technology, the security mechanisms are generally weak. 

Its weakness in the security system usually tampers the data in the 

public cloud that has a link to the clients, therefore, being inverti-

ble and also having a big concern. In order to find a strong securi-

ty measure for the reason of using the public cloud, for example, 

Cloud Computing Storage System is challenging difficulty. Cloud 

technology having its poor security systems, hackers can easily 

tamper with the data that currently at the situation it's being trans-

ferred and exchanged between the Cloud Computing Storage Sys-

tem and the HDFS performance evaluation review and the Net-

work Traffic Recording System (NTRS) units. The hacker also 

called attackers can trick the reply that between this unit and 

therefore being able to shut the cloud server; Cloud Computing 

Storage System using an attack of DOS.These difficulties trans-

gress to disputes in initializing the tool of Big Data Analytics 

along wuith the network topology that is proposed[18].  

 
Fig.3: Proposed network topology for Big Data analytics 

2.2. Knowledge of Big Data. 

These hurdle parameters entail other numerous authoritative at-

tributes of information or data that are of a higher spatial dataset, a 

bigger figure on types of data, required acceleration in which the 

data should take a transformation process and also data that is 

unstructured. The complicatedness limits along with its outcome 

difficulties should be forwarded by use of techniques of machine 

learning.This dispute resets in order to keep a continuous im-

provement in the on-going learning techniques to be able to handle 

the big information categorization difficulties.[21] 

Before, there existed a machine that was called the traditional 

learning Machine method that has been improved plus utilised for 

getting information that is of help from the information by prac-

tising and also validating by using the datasets that are named.  

Learning Machine being a suitable technique, there are some prob-

lems that still find ways of having it done and therefore not able to 

solve or give solutions to Big Data classification problems. These 

problems include (i) An Learning machine that has successfully 

qualified on a specific dataset, or the rule of data maybe unable to 

be fit to suit for a different set of data or information which the 

catagerization cannot be able to strengthen over the various sets of 

data. (ii) A Learning Machine technique that is generally prepaid 

using certain types of classes, having a huge variety of types of 

class that are located in the dataset that is growing ,therefore, cre-

ating inaccurateness in results classification. (iii) An ML tech-

nique is through the growth that bases on single simple learning 

tasks and activities. For this reason, they are not suitable for learn-

ing since it cannot be used in learning skills along with the re-

quirements of knowledge of analysing Big Data. Its only super-

vised algorithms that help in the classification of the prediction of 

network traffic data intrusion. Numerous algorithms have been 

created; they have have their importance in intrusion traffic among 

greater machines that SVM that usually have attention[22]. The 

computerized cost of Support Vector Machine is, therefore, higher 

than other classification methods. To leave this difficulty, Support 

Machines has afterward developing in machine learning research. 

For this reason, the support vector machine is not capable and 

suitable in Big Data Analytics. Support Vector Machine is some-

times accurate and therefore they are preferred to be excellent. 

Since it has the ability to adopt Support Vector Machine then they 

are highly preferred[4]. The challenge here comes when finding 

the solution to make an improvement to the Support Vector tech-

nique. 

3. Health and Medical Information  

An individual can be capable of dealing with larger volumes of 

data that is structured and unstructured which comes from various 

sources. Big data analytical tools have the capacity if keeping the 

promise of studying the results on the population of a large-scale 

which is based on studies that are longitudinal and also capturing 

the tendencies and models that are proposed that are predictive 

that get the data which is obtained from electronic health records 

of various patients. There is a rare chance which lies at the centre 

of two medical informatics; the traditional and mobile health 

which assists in offering information on acute diseases and chron-

ic illnesses in a manner that has not been observed before[23]. 

An electronic health record (EHR) assists in elaborating the treat-

ment of patients and also in offering the final results that are well 

informed. Majority of the traditional health data centres normally 

capture and store data in large amounts of the data in a structured 

manner and this is with respect to a lot of data such as laboratory 

tests for all patients, clinical data and the medication of the pa-

tients. Doctors use the health records of the patients[24], natural 

language processing plays a critical role in the organized examina-

tion and suggestion of grammatical content that are underlying the 

in the data. Mining[16] EHRs is an essential tool in the creation of 

clinical data and keeping up with clinical study such as identifying 

information of phenotypes[19]. Mining of local information which 

is part of HER data has already assured of efficient management 

of a wide range of healthcare issues such as support of diseases 

and management, creation of modes to anticipate the evaluation of 

health risks, enhancing education on the rates of survival and heal-

ing recommendations.[25] It has also been used in finding our 

comorbidies and also developing support structures for enrolling 

patients for new trials and new clinical tests. A lot of work in 

health facilities is always cantered on examining large and com-

plex data from the patients that was collected in the past[26]. 

Nonetheless, majority of the clinical databases offer low tempo-

rary information since there is struggle in gathering quality long-

term data. In order to solve this issue, current clinical databases 

should be enhanced by linking mobile health platforms, communi-

ty centres and other health facilities so that other data can be 

shared through the system in facilitating decision making and 

solve clinical queries that have not been solved[27]. The intriguing 

part takes the direction that will develop models that are patient-

specific by use of the available records in books and databases. 

Subsequently, the model can be updated with data which can be 

collected outside the health facilities from patients that cannot get 

to the hospital. Some illnesses that are incessant show acute hap-

penings which cannot be predicted easily fully in hospitals[26]. 

People that have connective tissue disorders are mostly predis-
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posed to aortic aneurysms or tear. Screening many people for this 

illness will be helpful in identifying those that have the likelihood 

of developing aortic dissection.  

Even if an original model created from explanation can offer bet-

ter insight into this issue, this does explain the continuous hemo-

dynamic differential over time along with its impact of daily activ-

ities of people. Through integrating ambulatory BP models, the 

possibility of creating results of simulation lead to a longitudinal 

model that spans over a duration of time to understand the pro-

gress of the illness well[25]. One of the primary roles of telemedi-

cine is health as it aims to connect patients with doctors past the 

clinic to enable the doctors check the whereabouts of the patients. 

The processes of communication have been enhanced due to so-

cial networks, to new levels of interaction in the society plus mak-

ing peace[6]. The newly developed feature created new abilities 

and also opened new abilities of communication among patients. 

A quarter of the patients suffering from chronic illnesses like can-

cer, diabetes and heart illness are now making use of social media  

to share their experiences with other patients that are going 

through the same issues, this therefore offers another source of 

important Big Data[28]. Moreover, relocation and social applica-

tions offer an extra feature to comprehend the tendencies plus the 

patient’s social demographics, while dodging studies that use a lot 

of resources and costly studies in large sampling statistically. This 

benefit has already been used by various studies of epidemiologi-

cal studies fields such as outbreaks of influenza, smoking dynam-

ics and in the misuse of antibiotics. The posts and texts that are 

shared on the online platforms such as the social media are very 

essential since they are important sources of information. In com-

parison to traditional techniques like fluctuations, emotion regula-

tion, surveys[10], behaviours and thoughts are analysed through 

the social media platforms provide new chances for analysis that is 

real time or the mood that is expressed as well as its context. In-

ternet searches along with social media can also be joined with 

data from the environment like information on the air quality so as 

to foretell the immediate rise of asthma linked emergency 

visits[29] 

4. Representation Learning. 

Learning algorithms help in representation techniques enable one 

attain an elevated level of classification that is accurate in compu-

tational effectiveness. Therefore, data transformation as the origi-

nal features are maintained is possible[7]. Another rule used, is in 

bringing out the accuracy of these algorithms and minimize com-

plexity of computation which also enhances acceleration of the 

process activity. Big Data classification sometimes requires multi-

rule and other methods and of its large domain. 

5. Big Data with User Interaction 

Big Data has many challenges in its classification[26][30].  An-

other challenge is the utilization of the time of data and processing 

procedures. Also being able to detect and interaction that is 

amongst the parameters of Big Data[31] , that is complexity, con-

tinuity is observed to be a challenge  that requires user interac-

tions[22].  When the usage of the machine is long term learning, 

then there be should a user interaction which will help the Big 

Data classification importantly. 

 
Fig. 5: first attempt on big data visualization 

6. Data Visualization  

Data visualization is being kept as a challenging task by the attrib-

utes of the Big Data. Dimension reduction and data projection are 

among the recent techniques that just offer an intangible picture of 

the data. In many cases, the intangible picture of the data normally 

doesn’t usually produce the spatial illustrations of the information 

or the data. Consequently, this is an issue to this data visualiza-

tion. In some model, algorithms provide a unit circle that repre-

sents intrinsic traffic and also regular traffic that can thus cut 

down the issue of visualization of Big Data, hence, plotting the big 

numbers of points of data to unit circle in order to find the solu-

tion[32]. If this problem is solved, it can be beneficial to the User 

Interaction Learning System (UILS). This will enable proper stor-

age of data[33]  

7. Data Ambiguity  

Exchange of information has a problem that is brought about when 

the activities are transferred amongst UILS, CCSS and also NTRS 

units in the networking having greater delay in the data or maybe 

it can bring the loss of data[2][23]. The missing-data problem will 

cause data uncertainty in the system that will occur in the UILS 

unit. It therefore grows and continuous bring up complexity to the 

Big Data definition. Different techniques should be presented 

earlier so that it can be considered in the growth and creation of 

precise information from the data that is incomplete. For this rea-

son, the units of UILS should make a step in the way it will handle 

this situation with a user and also give it significant disputes to 

user[34].   

8. Conclusion 

The paper desires that an integration of the modern technologies 

that is the Cloud Technologies, Hadoop Distributed File Systems 

that consist of representations, learning methods and also help in 

supporting vector machines to be able to see the future network 

interruption in Big strategy of Data. It is also suggestive that 

adopting machine lifelong learning framework for getting solu-

tions to issues that the classification of Big Data for a network 

system. Intrusions that in reality, they do not have any real experi-

ence in Big analytics of data. It further suggests different descrip-

tion of the V3 of Big Data ranging up to C3 to enable the profes-

sionals explain and giving the understanding of the both tech-

niques[15]. The studies on the techniques of Big Data plus other 

technologies that come out[35], handles the disputes that emerge, 

therefore there is still hope that there is a development of better 

techniques toward the ways of getting into solutions towards the 

Big Data classification problems. 
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