International Journal of Engineering & Technology, 7 (2.33) (2018) 287-289

International Journal of Engineering & Technology

Website: www.sciencepubco.com/index.php/IJET

SPC

Research paper

A knowledge-based stream processing using big data
analytics

D. Tamilselvil*, Dr. A. Akila?

L M. phil Scholar, Department of School of computing Sciences ,VISTAS , Chennai, India
2 Assistant Professor, Department of School of computing Sciences, VISTAS, Chennai, India
*Corresponding author E-mail: tamil3101@gmail.com

Abstract

Big Data available in almost all departments of every organization spread throughout the globe in a huge volume and category. The is-
sues such as data heterogeneity and advanced processing capabilities are provided solution with the proposed system. Data heterogeneity
is tack-led by using the automatic schema mapping in the proposed work which is knowledge based solution. Inventive processing is
achieved using ontology extraction and semantic inference in the proposed work. The solution is evaluated in terms of its performance
and effective-ness with the publish/subscribe paradigm. The state of art analysis of huge volume of variety of data and sensory infor-
mation is the real complexity. The Advanced Message Queuing Protocol is used in the proposed work for the state of art substance ex-
planation of flooding 10T data to have dynamic mingling. The proposed work gives way to produce huge amount of data that can affect
the working of the smart city systems that uses loT data. To point out the reliability and summarization of the data, information model is
used in the proposed work. The data size and average exchanged message time are the measures used to examine the working of the
framework. A detailed assessment of the various sensors is carried out to inspect the storage data volume and computational cost for the

substance explanation of the framework.
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1. Introduction

The connection between the different items or stuffs is described
by loT that allows verification of the actual globe thing and
providing the virtual versions of the internet. The availability of
these linked substances and sensors provides path to know the
status of the current real world and make use of this information to
raise the competence of the city services and infrastructure. In
smart cities, knowledge management is a main point and the solu-
tion available till now provides solution for different circumstanc-
es and applications are in remoteness. The information about traf-
fic available in Wikipedia and data that foretell about weather
does not coordinate with each other even though they work with
same kind of data which leads to a situation where the information
available in one resource is not use information available in anoth-
er resource. The effect of this problem could be apparently proved
once the exchange of results between 0T researchers is taken in to
consideration. Combining the outcome with other data sources
will permit them to be useful to others.

Data Integration: With the available cities are alive and enhancing
eco- systems, it is necessary to have a nonstop connection and
realize the dynamic knowledge between city stakeholders and
citizens to make use of information it gets expired. The current
stream justification is yet another serious problem that should be
tackled with in smart city framework. To provide solution to the
problems within the area of smart cities, the proposed work de-
scribes a solution known as City Pulse for present loT stream
explanation that uses a knowledge-based method to depict data
sets using Mashup platform. The framework also gives an infor-

mation model to give a representation for summarization and
trustworthiness of 10T stream data.

Clustering analysis is an emerging research area with lot of appli-
cation areas. For the past few years, many clustering algorithms
are available used in variety of application areas such as image
processing, manipulation product, mobile product, medicine and
economics. Not being identical is the major trouble with data clus-
tering algorithms. So we will go to JC8 algorithm.

Clustering Algorithm Process: Algorithms are designed may pro-
vide better solution with one category of data set, but may be un-
successful. It may give bad result with data set of other types.
Making a homogenize algorithm suitable for all situations may
take many trials, but the major requirement has not been met. The
data set is segregated into homogeneous sets based on the charac-
teristics to assemble similar objects in same group and dissimilar
objects are in distinct groups.

J48 Algorithm Process: The solution provided by in proposed
work showcases the efficiency and accuracy of J48. Data mining
could be implied in many category of information repository. To
get data from product and implement to SQL server in back end
connections.

Methodology: This research proposal is at the crossing of middle-
ware for large-scale platforms working on large data volume, lan-
guages, big data, social networking. The distributed product year,
number of items, cost details and publish allowed her to gain ex-
perience in situational-awareness through complex event pro-
cessing and supporting publish/subscribe platforms for web-
semantic described events.

Experimental Setup: These processes permits one to describe a
program as taking ultimately, after a compilation process, the form
of a DAG (directed acyclic graph) but according to our under-
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standing, none permits to become accustomed with the program at
runtime with respect to its functional/business nature. As an out-
come, developers concentrate on conveying data processing logic,
cost, product items and product count but not coordinating
runtime variation. Few data workflow engines initiates to be view-
able in the group of large-scale stream processing but without yet
an required behavioral/functional accustomed capability, as the so
far only attention was to permit usability to experience necessities
for non-functional modification measured by scalability, fault-
tolerance, performance needs through node replication or elastici-

ty.
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Fig. 1: The Workflow Diagram.
2. Literature review

2.1. Semantic coordination

A New Approach and an Application

The work described in this paper is only the starting phase of a
very aspiring scientific challenge, such as examining the least
general ground required to make the communication between
independent entities that cannot view into each other’s head, and
thus can attain some amount of semantic synchronization only
through other means, like exchanging examples, focusing to
things, recalling past interactions, making it common from past
communications, and so on. To this end, a lot of work residue to
be done. We show how to implement the model and the algorithm
to a motivating family of semantic models, namely hierarchical
classifications, and give the outcome of initial tests on two catego-
ries of hierarchical classifications, Web directories and catalogs.
At last, we give the considerable development on earlier ap-
proaches.

Fusion of Geospatial Perceptive, Temporal Logic, & Societal
Network Exploration in an RDF Database: Many people were
engaged to analyze the result of the proposed framework. The
approach describes the capabilities that can be implemented in one
query language, in this case Prolog. And we assume that in the
recent future, these facilities will exist. A social network database
along with its events in time is of larger volume when compared
with the email and calendar database of an large organization. An
event can have many additional attributes and annotations. On top
of this event database we implemented libraries for RDFS++ logic
reasoning, for geospatial and temporal capabilities, and an exten-
sive social network analysis package.

2.2. EP-sparql

The Event Processing and Stream Reasoning technologies are
allowed to handle knowledge management in terms of ontology
mechanism which is represent slower knowledge development and
time invariant. The main aim of this proposed work is to provide a
basic structure of Event Processing and Stream Reasoning exceed-
ing modern technology for in both Event Processing and Semantic
Weh. The semantic web is to handle knowledge management and
Stream reasoning, but cannot be able to deal with changing the
data which is provided by event streams. The main concern of
Event Processing is timely detection of compound events within
the data streams of simple events. The open-source technique
provides such mechanism to implement and present a combination
of results to shown the effective and convenience of proposed
work.

The main aim of this framework is based on publisher and sub-
scriber services directly interconnect with the big data analytics
and stream processing. It is likely to come across some difficulty
because of the various types of schema recognized by the heritage
structures to be overstated. Related to these issues, the successful
notification of events followed by the subscribers used different
kind of schemas rather than publishers. It is also experimentally
confirmed that the solutions are capable to publisher/subscriber
service based on data schema, which latency degradation is affect-
ed by some flexibility. This framework is to apply for data hetero-
geneity relate with face recognition based on the automatic sche-
ma mapping technique and also ontology extraction and semantic
inference support to advanced processing.

3. Data collection

The enterprise product data is collected for many products. The
application of enterprises data mining includes the availability of
objects which are connected from the nodes and wireless sensor
nodes to monitor the current status of the real world in real time.
The process information is to improve the efficiency of operation-
al performance of city services and the infrastructure of the envi-
ronment.

3.1. Data set working process

The connectivity based clustering is a entire product of methods
that vary by the method sales are manipulated. Separately from the
classic choice of distance product, the user also needs to determine
on the linkage criterion to use. Popular choices are identified as
multiple products to promise and publishing date will be stated in
the dataset collection. Gathering the project items and number of
products is to combine with all product items.

Table.1: Data Set
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The information’s of all product items and query eloquence i.e,
actions composing the data streams to be collect and consider as a
attributes and values of map, and the queries on event streams are
organized to extract the values in the events. The data dispensation
required by multipart Event dispensation is characteristically rec-
ognized values based on the computing rules shown by some at-
tributes of the received events. Generally, tree-based formalism
with two different set of nodes are classified, one for entity repre-
sentation and another for their dataset attributes.

3.2. SQL server data

Table.2: SQL Server Data
GO015'5QLEXPRE...- dbo.data_set| Summary

Column Mame Data Type Allow Mulls
productname nvarchari50) ]
productno rvarcharis0) Fl
cost reearchar(S0) ]
noafiter rvarchar(S0) ]
subscribe nvarcharis0) ]
publish nvarchar(S0) Fl
reviews nvarchar(S0) ]

3.3. Related work

Data workflow engines starts to execute in the community of huge
stream dealing out but without yet an sufficient behaviour-
al/functional alteration capability, as the so far only concentration
was to permit alteration of information to look necessities for non-
functional modifications done by product item, cost, number of
product and year performance requires through node replication or
elasticity. The literature survey carried out so far only offers a
solution for functional adaptively in stream processing languages
of big data platforms, even if some fore works on stream platforms
or active databases are a good starting point.

4. Conclusion

The advanced message queuing protocol is used in the proposed
stream annotation framework for current SQL stream to help to
provide huge volumes of data. This framework is experimented
with various features of data stream, raw data and aggregated data,
hence easily identify the location to improve the working model of
our annotated data. The evaluation metrics are size of the data and
average time of message exchange exhausted over the communi-
cation which helps to manipulate the proposed work. It was estab-
lished in all category of performance framework which is im-
proved as 99.4% and 96.2% with annotated summarized data
stream with respected to the size of the data and average exchange
time. The future work will be implement a huge set of data stream
and make use of a network with real-time road traffic to evaluate
working of the proposed work with huge number of clients in
detail. In future, this work is needed for data stream analysis tech-
niques which are used by the research scholar, when compared to
other existing research tools like generalization and harmonization
model. This proposed work is wide range of vocabulary to wrap
representation of data analytics features formed by modern stream
analysis techniques.
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