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Abstract

All-terrain and armored vehicles (ATVs) are designed to operate in environments where the terrain changes significantly and affects their
performance. Traditional control systems don’t adapt to changing environmental conditions, resulting in reduced performance and safety
issues. TAC systems solve this by real-time terrain data-driven adaptation of control techniques to improve the performance, mobility, and
stability of the vehicle. This project aims to develop and test a new TAC system that adapts to different terrain types, including swampy
soil, rugged surfaces, and natural barriers, while maintaining vehicle operational excellence. The proposed TAC system does continuous
terrain assessment through sensor data processing and machine learning algorithms that modify the fundamental control elements, which
are wheel speeds, torque distribution, and suspension setpoints. Multiple scenario simulations were done through extensive modeling.
Experimental data show that TAC improves vehicle stability during off-roading in sandy terrain and rocky surfaces and minimizes me-
chanical damage from unnecessary slippage and rollover. Military personnel, rescue teams, and exploration teams must use TAC for their
missions because TAC helps teams make flexible and instant decisions during unpredictable scenarios.

Keywords: Terrain-Adaptive Control (TAC); All-terrain Vehicles (ATVs); Real-Time Terrain Adaptation; Machine Learning in Vehicle Control; Vehicle
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1. Introduction

The current all-terrain and armored vehicles (ATVs) need to work in unpredictable mixed environments including deserts, jungles, and
combat city zones [1]. Each terrain type has its issues that can affect vehicle operational performance when these vehicles operate. Soil
features and slope angles with physical obstructions can cause performance problems, mechanical stress, and safety hazards [11].

1.1. Challenges of conventional control systems

Modern vehicle control systems designed for specific managed environments don’t adapt to the varied terrain features found in off-road
and combat environments [3]. Standard systems don’t respond well to changing terrain and performance characteristics drop off including
loss of traction destabilization and obstacle failure [4]. Control systems using traditional programming methods don’t respond fast to sudden
terrain changes because of their pre-set parameters [12]. Vehicle failure probability increases while speed dependence decreases and safety
conditions worsen in unpredictable situations making such systems not suitable for complex operational goals.

1.2. Terrain-adaptive control systems

Terrain-adaptive control (TAC) System is an advanced answer to control limitations because it changes vehicle performance in real-time
with data received from the terrain environment [5]. Detection of terrain changes by sensors including LiDAR, radar, and cameras helps
the TAC system to modify control strategies for soft ground elevation changes, steep inclines, and physical obstacles [2]. TAC systems
enhance stability in vehicles, mobility and safety in various environments by dynamically altering wheel speeds, the suspension setting,
and the torque distribution.The adaptability of TAC systems makes them necessary for vehicles that operate in unpredictable rugged terrain
to achieve maximum operational performance.

2. Review of Literature

Yu et al. [13] developed a real-time terrain-adaptive local trajectory planner for high-speed autonomous off-road driving on deformable
terrain. Although the trajectory planner by Yu et al. offers a good way of autonomous off-road driving by adjusting the paths in real-time
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with the help of the surface data, the method still has limitations, which are the high computational costs and the necessity of the topo-
graphical data. These limitations are mitigated in our TAC system where sensor data (e.g. LIDAR and radar) is incorporated to adapt to the
terrain in real-time, thereby ensuring reduced computational load and enhancing the applicability of the system to different environments.
Besides, our technique, unlike that of Yu et al. that demands a heavy pre-processing of the data, uses the algorithms of machine learning to
be constantly adjusted to the alterations in the terrain, without any pre-processed topographical data, which is more flexible and effi-
cient.The paper proposes a method to modify the trajectory in real-time using surface data to ensure constant stability and performance
under all conditions. It is a type of planning system that involves sensor information and calculation model predicting changes in the terrain
beforehand to steer the vehicle and enhance performance and safety. The system is computationally intensive and requires accurate topo-
graphical information and is lacks the ability to be flexible in a wide range of settings.

Wang et al. [7] surveyed path planning algorithms for autonomous ground vehicles in unstructured terrain which evaluates different navi-
gation methods for efficiency [8]. This paper covers sampling-based algorithms, optimization techniques, and machine learning approaches
and their capabilities and limitations in dynamic conditions. Dynamically modified paths that use real-time environmental information
overcome the disabilities from different obstacles and unpredictable terrain and computational speed requirements. But still, there are many
challenges because high-quality sensor data in real-time processing and cross-sectional solutions across different environments is complex.
Chithrakkannan and Fadheela introduced a drone system that shows improved epidemic-aware delivery beyond weather and geographical
boundaries [14]. The project uses an eco-centric drone technology that balances environmental protection with emergency delivery during
epidemics and natural disasters. The technology uses advanced navigation control algorithms that adjust operational parameters during
changing conditions to avoid service disruption from unexpected situations. Drone developers face two main challenges: operational pro-
totypes need complex techniques to make the drone biodegradable, and regulators have rules and extensive safety testing protocols for
real-world deployment [10].

Narendran et al. [9] designed an autonomous Unmanned Ground Vehicle (UGV) chassis for Fresh Fruit Bunch (FFB) transportation and
quality assessment. The proposed chassis system combines autonomous mobility with quality assessment instrumentation for precise FFB
transportation in agricultural areas. By installing sensors and imaging technology in the UGV the system improves fruit quality assessment
and productivity and accuracy in quality assessment. Many implementation challenges for the design: durability in harsh agricultural en-
vironments power control during long operations and real-time quality assessment.

Zhou et al. [15] studied the motion dynamics of a horse-inspired terrain-adaptive uncrewed vehicle through their research of four hydraulic
swing arms that can traverse challenging terrain surfaces. The kinematic modeling of vehicle motion analyzes the improvement of hydraulic
swing arm control for terrain conformance [6]. The vehicle can navigate better and balance better by using horse gait execution methods
than conventional uncrewed vehicles. Organic limitations because hydraulic control systems need fine-tuning and system usage causes
mechanical wear and tear of parts and implementation issues across different terrains. System development and control frameworks need
enhancement to meet practical requirements.

3. Research Objectives

This paper covers the design and evaluation of a terrain-adaptive control (TAC) system that adapts to different terrains in real time. The
development is an automatic control system that can respond to environmental changes without any effort. This research targets multiple
terrain reactions of ATVs and armored vehicles because we want to maintain maximum stability traction and safety. This research aims to
develop better military and rescue and exploration vehicles that can run efficiently and safely with automated controls.
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Fig. 1: Flowchart of the Terrain-Adaptive Control System.

Figure 1 depicts the flowchart of the Terrain-Adaptive Control (TAC) system that is graphically presented to illustrate the significant steps
of the terrain identification, control model adaptation, and real-time feedback. The number is essential in explaining how the system looks
like, where the TAC system takes sensor data to make appropriate adjustments to vehicle control variables such as wheel speed, torque
distribution, and suspension settings in a dynamic manner. With the mention of this figure, the readers can have a better idea of the order
of operation of the TAC system and how it successfully copes with changes in terrain conditions.

4.1. Terrain identification

In the TAC system, LiDAR, cameras and radar among other sensors are used to detect terrain to ensure that the surrounding of the vehicle
is constantly monitored.The sensor data of the terrain type and surface conditions are in real time, which allows the system to identify soft
or rough and hard grounds.To determine the effectiveness of the TAC system a group of real world and simulated tests were done. The
experiments were conducted to feature various all-terrain vehicles (ATVs) and armored vehicles that were fitted with the TAC system.
These cars were put through the test of many different conditions of the ground such as soft ground (sand and mud), rocky surface and



420 International Journal of Basic and Applied Sciences

rough urban roads. The flexibility of the system on different environments was also tested both in the real world and in the high fidelity
simulation.

In the actual test process, the cars were also driven in a track that was set-up of an off-road test track that was set up to mimic the various
problematic conditions, such as steep slopes, soft surface, and rock formations. These are simulated tests conducted with the assistance of
a virtual model to simulate real-life terrain data of LIDAR and radar sensors that can be used to test the system under controlled circum-
stances. The computer-based and real-life testing allowed performing a holistic evaluation of the TAC system functions and ensured that
the results could be generalized. The system examines characteristics of the terrain such as soil types, slope, and barrier positions.

4.2. Control model

Vehicle dynamics and ground properties can be used in the control system to simulate the behavior of a vehicle under most terrains. The
behavior of tires under various forces, suspension movement, and weight redistribution is used in making accurate predictions of the terrain.
The system considers the surface roughness and gradient of the soil in designing the system. Predictive models show how different surfaces
will affect the performance and mobility restriction of vehicle safety. Using the control model, the TAC system makes intelligent decisions
and applies control settings to achieve the best result regardless.

4.3. Adaptation mechanism

The ability to be responsive in real-time requires the mechanism of adaptation in TAC systems. The system uses machine learning algo-
rithms to assess terrain information and implement real-time controls on control strategies. These changes involve rules to fine-tune the
distribution of the wheel speed, torque, and suspension parameters. Gradual training of machine learning systems enables machine learning
systems to obtain more accurate patterns in terrain scenarios and vehicle output as time progresses. The car system also changes control
parameters in real-time to remain steady and enhance traction and mobility to enable the vehicle to operate in various circumstances.

4.4. Feedback loop

The TAC system compares sensor data in real-time to enable the vehicle to modify control parameters in real-time. The surface condition
and the operational state of the car are informed in real time as it traverses various terrain types by sensors. Time-critical vehicle control
adjustments happen through merged sensor data, which changes wheel speed parameters and adjusts torque output and suspension. The
feedback loop allows the vehicle to adapt quickly to sudden changes in terrain conditions, such as blockers or surface changes, so it can
maintain maximum operational safety and performance.

5. Results

5.1. Stability

The TAC system helps to improve vehicle stability when driving on sand, gravel, and other uneven surfaces. Real-time adjustments to the
control settings improve vehicle alignment and reduce the chance of tipping and sliding. The vehicles equipped with TAC showed improved
stability during fast driving conditions, together with better handling of unexpected terrain shifts. TAC system deliveries improved stability
performance by 30% over typical control systems, thereby creating superior road safety.

Table 1: Stability Comparison

Terrain Type Conventional Control TAC System Improvement (%)
Soft Ground 60% Stability 90% Stability 30%
Rocky Surface 65% Stability 85% Stability 20%
Pavement 85% Stability 95% Stability 10%

Table 1 will compare the stability of a vehicle that is controlled using conventional control systems and the TAC system under various
terrain conditions. The findings clearly indicate that the TAC system enhances the stability by 30% on soft grounds, 20% on rocky ground,
and 10% on pavement, which suggests that TAC has been practical in ensuring stability on vehicles under challenging conditions.

5.2. Mobility

Mobility using TAC system technology improved substantially while operating on both sand and muddy surfaces. Hybrid control systems
usually fail to achieve traction on loose surfaces, causing vehicles to lose acceleration and control direction. The TAC system improves
traction performance through real-time management of wheel speed and torque distribution. Vehicle movement on soft ground is enhanced
by 25% while maintaining speed and slope control. This gives vehicles the ability to operate in areas where standard cars can't.

Table 2: Mobility Comparison

Terrain Type Conventional Control TAC System Improvement (%)
Sand 55% Mobility 80% Mobility 25%
Mud 50% Mobility 75% Mobility 25%
Soft Gravel 60% Mobility 85% Mobility 25%

Table 2 shows how the TAC system has improved mobility when working on different surfaces, including sand, mud, and soft gravel. The
TAC system plays a significant role in vehicle traction and mobility, which boosts the performance of the vehicle by up to 25 percent
compared to a conventional system, thus enabling the vehicle to work more effectively in challenging environments.
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5.3. Obstacle navigation

TAC changed the way the vehicle performs as it can now bypass obstacles while navigating complex paths through rough terrain with
rocks, debris, and uneven surfaces. Continuous control parameter adjustments delivered optimized vehicle trajectories to pass around ob-
stacles and prevent vehicle and cargo damage safely. TAC has better obstacle avoidance as path optimization reduces vehicle crashes by
up to 20% compared to standard systems. It’s excellent in complex and unpredictable environments.

Table 3: Obstacle Navigation Comparison

Terrain Type Conventional Control TAC System Improvement (%)
Rocky Terrain 70% Navigation 90% Navigation 20%
Urban Terrain 60% Navigation 85% Navigation 25%
Rough Terrain 65% Navigation 88% Navigation 23%

The performance of the TAC system in navigating obstacles is compared to the performance of conventional control systems, as shown in
Table 3. It is a 20-25 percent increase in the ability of the TAC system to negotiate the terrain, in particular, rocky terrain and urban
environments. This growth in obstructive evasion is necessary for work safety and performance in unpredictable surroundings.

5.4. Limitations and mitigation strategies

Although the TAC system has good results, it suffers from some technical issues that should be improved to increase its results. A significant

weakness is that sensors used in different atmospheric conditions are not very reliable. As an illustration, sensors such as LIDAR and radar

may be erroneous during severe weather (e.g., heavy rain, fog, or dust storms) and in rough terrain. As a countermeasure, sensor fusion

methods help the system to become more accurate and robust, as the information of various classes of sensors (e.g., optical, thermal, and

acoustic) is used to enhance the overall performance.

The second weakness is the computational load of real-time data processing, which increases with the number of sensors and points of

data. The TAC system consumes a large amount of computational resources because it uses machine learning algorithms and real-time

analysis of the terrain. To overcome this, in the future, it might be proposed to use edge computing, with data processing being done near

the sensor or on the vehicle itself, eliminating the necessity of a continuous connection with high bandwidth and enhancing processing

speed.

Finally, although the system optimally works in regulated conditions, it is still difficult to test it in severe climates (e.g., deserts or arctic

zones). Future research might be devoted to the adjustment of the TAC system to operate under broader conditions, such as building more

adaptive control models and more efficient predictive algorithms to support very high degrees of variability of terrain and environmental

conditions.

1) The Terrain-Adaptive Control (TAC) system might be studied further in the future with the following areas:

2) Extreme Climates: The TAC system should be tested in extreme conditions (e.g., arctic, desert climate) to determine how it reacts to
extreme weather conditions, including temperature changes.

3) Next-Generation Sensors: adding new sensors such as next-gen LiDAR or multispectral cameras to enhance the accuracy of terrain
detection and system flexibility in adverse conditions.

4) Sensor Fusion: The next step on sensor fusion, i.e., sensor fusion methods that merge the data of more than one sensor (LIDAR, radar,
etc.) to obtain improved real-time terrain information.

5) Autonomous Integration: The paper shall elaborate on how TAC can be autonomously incorporated into completely autonomous cars
to improve their performance in unpredictable environments.

Urban Environments: Testing TAC performance across different urban environments, e.g., roadblocks including traffic and pedestrians.

6. Conclusion

The terrain-adaptive control (TAC) systems provide a breakthrough for all-terrain and armored vehicles to ensure optimum performance
in different extreme terrain conditions. To enhance the control settings and enhance the stability and safety performance of vehicles, real-
time terrain analysis enables these system architectures to modify control settings automatically. The paper demonstrated the effectiveness
of the TAC system in enhancing the vehicle performance during various terrains, particularly the soft surfaces and over rocks, and in
complex terrain. The findings indicated that the performance of the vehicle was substantially enhanced concerning the aspect of stability
and mobility, that is, 30 and 25 percent better than conventional systems regarding stability and mobility respectively. TAC systems can
change the way vehicles perform in military rescue and exploration domains where vehicles need to handle unpredictable, threatening
situations. By being real-time adaptable, these technologies reduce accidents and increase operational effectiveness while minimizing risks.
The advancement of TAC systems is limited by sensor capabilities and the need to adapt to many types of terrain. The future development
of these systems will rely on the continued efforts in enhancing sensor fusion, enhancing machine-learning algorithms, and the system
capabilities to work under different terrain conditions. TAC plays a major role in the development of next-generation armored platforms
with enhanced safety and efficiency in different working conditions.
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