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Abstract

This paper will focus on the role played by the electronic human resource management (E-HRM) in business performance using a combined
mediate-moderate model. The study examines the immediate effect of E-HRM practices on the outcome and measures the mediating force
that strengthens the relationship and the moderating force that changes the strength of the relationship. There were five hypotheses that
were formulated to explain the role of E-HRM in enhanced performance in digitally inclined and fast-paced trading environment. The
research design used was the quantitative descriptive method of study, where 387 valid responses were obtained by distributing 500 ques-
tionnaires. The results show that E-HRM is positively related to the performance of the business, and the mediating construct enhances the
impact since it increases the strength of internal processes associated with digital workflow, decision accuracy, and consistency of opera-
tions. The moderating variable also has an effect on the relationship as it increases or decreases effectiveness of E-HRM based on the
degree of the moderating variable within the trading environment. This study benefits the literature that exists by presenting E-HRM as a
resource that can facilitate the progress of performance by digital structuring, better responsiveness, and operational alignment. It further
highlights the concurrent nature of the role of mediation and moderation in creating flexibility and business lasting leverage. The limitations
and future study directions are provided in the conclusion.

Keywords: Operational E-HRM, Relational E-HRM; Transformational E-HRM; Business Performance; Artificial Intelligence; Quality of Accounting
Information Systems.

1. Introduction

In the modern digital economy, organizations are increasingly adopting the new advanced system of technology so as to maximize perfor-
mance, responsiveness, and competitiveness in their various functional areas. Human resource management (HRM), as a fundamental
organizational activity, has experienced a radical change towards digitalization, especially with the adoption of electronic human resource
management (E-HRM). E-HRM hastens the automation of HR processes and services and enables organizations to have more precise and
timely information to make strategic decisions. These changes are transforming the operational, relational, and transformational HR pro-
cesses carried out in the contemporary business realm, particularly those that experience great change, like the trading business. Concur-
rently, the digital innovations in the field of artificial intelligence, analytics, mobile technology, and cloud-based systems are shaping the
way traders conduct their business operations. Since the trading activity is based largely on quick decision-making, information flow, and
the interactions within the digital markets, E-HRM has gained the status as a highly valuable tool in facilitating the performance of the
traders. Its purpose goes beyond the simplification of the administrative procedures to the increase of collaboration, learning, and strategic
alignment of the workforce. However, the degree to which E-HRM is relevant to the performance of a business and how this occurs is a
field yet to be delved into. The performance of a business is based on precise information, efficient workflow, and is ability to respond
swiftly to the changes in the market. In this context, the role of mediation, including internal digital capability, operational alignment, or
Al-enabled process enhancement, could be helpful in raising the impact of E-HRM on the outcomes of performance. Similarly, the mod-
erating effect of system-level characteristics, e.g., the quality of accounting information systems, can dictate the magnitude of E-HRM
effects by influencing the reliability, data accuracy, as well as transparency in transactions. Despite the potential that digital HR tools have
in performance improvement, empirical research on these two mechanisms is scarce. In this study, a mediate—moderate model refers to an
integrated analytical framework that simultaneously incorporates both mediation and moderation mechanisms within a single structural
model. Mediation explains the underlying process through which an independent variable influences a dependent variable by transmitting
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its effect through an intervening construct. Moderation, in contrast, specifies the conditions under which the strength or direction of this
relationship changes depending on the level of a contextual variable. Accordingly, the present model examines how Electronic Human
Resource Management (E-HRM) affects business performance through Artificial Intelligence as a mediating mechanism, while the Quality
of Accounting Information Systems conditions the strength of these effects as a moderating factor. The adoption of E-HRM within the
trading settings is a growing research topic, but there still exist some gaps. To begin with, the literature lacks the presence of studies that
would study E-HRM in trading sectors, where digital workflow, fast processing, and coordination of employees are of paramount im-
portance to the competitive advantage. Second, little focus has been put on how mediating mechanisms can enhance the impact of E-HRM
on performance. Third, even though studies have shown that the quality of the system has a moderating effect on digital and E-HRM
outcomes, few studies have examined the moderating role played by accounting information system quality in E-HRM-performance asso-
ciations. Fourth, most studies have been carried out in conventional corporate or manufacturing contexts, and there is a gap in the E-HRM
practices among traders and market actors. Lastly, the theoretical progress is still lacking in terms of how digital HR capabilities can
influence business performance in the context of high-paced trading. Consequently, the present research aims at exploring the effect of
electronic human resource management on business performance using a mediate-moderate model. The research assesses the effectiveness
of E-HRM in improving business performance, the intervening variable that promotes this connection, and the quality of accounting infor-
mation systems that moderate the impact of E-HRM on performance. Through these gaps, the study will help to fill the emerging discussion
on the connection between digital HR practices, artificial intelligence, system quality, and business performance in dynamic trading set-
tings. The research questions used in the study are based on the research gaps identified and include:

1) What is the level of effect of electronic human resource management on business performance?

2) What is the mediating variable that is reinforcing the E-HRM and business performance relationship?

3) What role does accounting information system quality play in the effectiveness of E-HRM under trading conditions?

4) Does the moderating variable change the correlation between E-HRM and performance?

5) What is the contribution of the mediate mechanism plus moderate mechanism to the better-performing traders?

The research questions are directly associated with the conceptual framework and hypotheses, as they provide a systematic way of inves-
tigating the role of digital HR capabilities and system-level variables in facilitating performance in modern-day trading activities. In this
vein, this paper commences with Section 1: Introduction. Section 2 will include a review of the literature concerning the topics related to
E-HRM, business performance, artificial intelligence, and the quality of accounting information systems. Section 3 describes the develop-
ment of the conceptual framework and hypothesis. The methodology of the research is described in Section 4. Section 5 provides the data
analysis and results. Section 6 talks about the theoretical and practical implications. Section 7 finally concludes the study by giving future
research recommendations.

2. Literature Review

Electronic human resource management (E-HRM) is now regarded as a necessary part of organizational development in the digital world,
particularly in the spheres of trading, which is dynamic and information-intensive. Although E-HRM is sometimes associated with more
extensive digitalization processes, it should also be noted that it has a unique role to play in defining Hr functions, operational processes,
and business performance. E-HRM is a narrower use of digital technologies in HR, and the digital transformation is the structural, cultural,
and technological changes throughout the organization. This difference offers some clarity in the analysis of the role of E-HRM on business
performance, artificial intelligence-related improvements in E-HRM processes, and the moderation of these impacts by the quality of
accounting information systems.

The subsections below discuss the core constructs of the study according to the research model.

2.1. Operational E-HRM

Operational E-HRM can be characterized as the digitalization of administrative and routine HR functions, and it allows companies to
automate the processes, minimize manual errors, and enhance service delivery. Such a dimension encompasses e-recruitment websites, e-
payroll services, e-attendance services, and human resource self-service websites. Automation helps companies to reduce the requirements
of time and effort to perform repetitive human resources tasks and redirect their attention to more strategic areas.

Researchers underscore the fact that operational E-HRM saves on administrative overheads and increases continuity and precision of HR
activities by entrenching data-driven decision-making tools in routine operations. Online tools facilitate immediate access to the employee
database, standardization of HR processes, and human bias in management. Operational E-HRM leads to better performance in a trading
environment through the provision of access to staffing information at the right time, keeping track of attendance precision, and aiding
compliance through the implementation of swift trading operations.

Intelligent automation also contributes to the operational E-HRM by allowing automated screening, prompt data processing, and automatic
identification of patterns in the behavior and performance of employees. Such capabilities create insights that can assist traders to run daily
operations more effectively, enhance speed and quality of decision-making in all trading activities. In general, operational E-HRM is a
supporting digital instrument which allows companies to optimize the efficiency of HR and contributes to the overall positive business
results.

2.2. Relational E-HRM

Relational E-HRM is based on the applications that promote communication, interaction, and collaboration between workers. The most
important relational aspects are e-training systems, online performance management systems, online digital communication channels, as
well as talent management systems. These solutions reinforce the engagement of employees as they provide unlimited access to learning
materials, digital communication, and data-driven performance measurement.

It has been demonstrated that relational E-HRM leads to better workforce collaboration, transparency when assessing performance, and
skills development via digital learning settings. Relational E-HRM in the trading sector enables the employee to get prompt feedback, take
online training courses, and have access to advanced decision-support software, which is paramount in a trading environment where coor-
dination and information exchange become vital.

The relationship E-HRM is reinforced with Al applications due to their ability to personalize training and adaptive learning modules, as
well as predictive systems that help detect skills gaps and propose specific developmental programs. Such innovations create a more
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interconnected and competent labor force, enhancing the sensitivity of traders to market requirements and increasing the overall business
performance.

2.3. Transformational E-HRM

Transformational E-HRM is a concept oriented towards digital options, facilitating innovation in organizations, long-term planning, and
making strategic decisions based on data. This dimension will include HR analytics, strategic workforce planning systems, and Al-based
HR dashboards that can assist organizations in managing talent, predicting staffing requirements, and aligning human resource strategies
to business goals.

According to scholars, transformational E-HRM changes the role of HR from an administrative support to a strategic leader in using
analytics and digital intelligence to drive change within organizations. Through workforce data analysis, organizations are able to forecast
turnover, performance trends, and help plan talent in the future.

Transformational E-HRM in the context of the trading business allows the organization to participate in digital markets, react to new
technologies, and maintain the competencies of the workforce in accordance with the strategic direction. The Al-based analytics facilitate
decision-making through workforce prediction, better scenario planning, and responsiveness to changing trading conditions.
Transformational E-HRM, consequently, constitutes the core of the strategy of E-HRM that enables organizations to become digitally
intelligent to stay competitive in the long term.

2.4. Business performance

Business performance refers to the capability of traders to achieve operational effectiveness, quality of decisions, profitability, and sustain-
able business performance in virtual markets. The trading environment demands high levels of dynamism and competition, whereby the
performance is anchored on speed of information processing, coordination, and availability of the right operational data.

The performance of the business directly depends on E-HRM as it assists in coordinating the business tasks, reducing the time of adminis-
trative processes, supporting the further development of skills, and preparing the employees. The research shows that digital HR practices
may assist traders to attain enhanced communication, speeded-up workflow, and employee competency to the level of supporting improved
and timely trading decisions.

Additionally, strategic and relational aspects of E-HRM can help traders to provide an option to cooperate, professionally evolve, and make
informed choices based on data. These abilities improve the ability of the traders to operate in uncertainties, in the event of needing agility
and digital prowess in the maintenance of the competitive advantage.

2.5. Artificial intelligence (AI)

Al has become one of the fundamental forces behind E-HRM development, allowing the automation of HR processes, analytics, and digital
intelligence. The Al technologies assist in the automation of the recruitment process, predictive analytics, performance analysis, and train-
ing solutions. Researchers underline the idea that Al can also make HR decision-making more efficient because it gives real-time infor-
mation, eliminates human error, and makes the evaluation of employees more precise.

Applied in trading, Al will facilitate the realization of competency gaps, automation of workforce operations, and simplified decision-
making. Al applications process big data to identify trends, predict employee behavior, and increase the business readiness to act in high-
speed situations. The mediating mechanism in this study is also assisted by Al, which enhances the digital capabilities that connect E-HRM
to business performance.

2.6. Quality of accounting information systems (QAIS)

The digital environments have a moderating factor of accounting information systems quality, which is the factor that determines the
reliability, accuracy, and usability of financial and administrative data. The quality of the accounting information system is to provide
timely reporting, transparency of the data, and to ensure the security of the transactional processes, which strengthens the organizational
confidence in the digital working processes.

Research points out that properly functioning accounting information systems assist in decision making, the reduction of errors in opera-
tions, and communication among functional areas. High system quality in the trading sector would provide proper financial records, real-
time updates on the trading activities, and safe storage of the information pertaining to the employee and financial information.

In combination with E-HRM, high-quality accounting information systems enhance the efficiency of digital HR practices in terms of
integration of data into a seamless system, reliability of systems, and better reporting accuracy. Therefore, QAIS mediates the association
between E-HRM and business performance by maximizing the advantages of digital HR tools in settings where credible financial and
operational data is the key to business prosperity.
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3. Hypothesis Development

Strategically, the dynamic capabilities theory (DCT) describes how organizations perceive the opportunities and threats of turbulent envi-
ronments, utilize them by acting timely manner using digital processes, and reorganize the internal processes to maintain competitive
advantage. Based on this framework, the dynamic capabilities indicate the capacity of an organization to renew, extend, and remodel its
resource base with the aim of responding to the ever-changing business environment. The three dimensions of electronic human resource
management are operational E-HRM, relational E-HRM, and transformational E-HRM, which are conceptualized as significant digital
resources that assist the functioning of organizations in the trading environments that are dynamic and busy. These systems will automate
the HR processes, enhance internal communication, and give strategic insights, which eventually will lead to better performance of the
business. Nevertheless, the availability of digital HR tools is not sufficient to achieve better business results unless organizations also have
the relevant system-level requirements to use and take advantage of them. In this respect, quality of accounting information systems (QAIS)
serves as a significant contextual mechanism that will dictate whether the E-HRM practices will be translated into significant performance
benefits. The accounting information systems are of high quality, which guarantees that the accounting information is accurate, transparent,
and reliable in financial and operational data. This enhances the role played by E-HRM tools in enhancing the performance of trader
businesses in terms of consistency of the data and facilitating timely decision-making. The current model thus makes E-HRM the strategic
input, trader business performance the main output in the organization, and the quality of accounting information systems a mediating
variable that boosts or diminishes the efficacy of digital HR dimensions. The model is indicative of the DCT view, where digital tools are
only used to help performance when they resonate with the complementary organizational technological and informational capabilities.

3.1. The impact of operational E-HRM on trader business performance

Operational E-HRM is the digitalization of administrative HR functions in recruitment, attendance management, payroll management, and
employee record management. These tools also automate routine work and ease the administrative load, besides assisting in the proper
handling of data. According to the scholars, the operational E-HRM improves the performance of a business because it allows organizations
to become more efficient, cost-effective, and more reliable in their daily HR practices.

In traders who were working in very dynamic markets, operational E-HRM helps in expediting the internal processes, proper staff sched-
uling, leading to a reduction of operational delays and consequently leading to better business performance. Prior studies consistently
indicate that the automation of routine HR processes enhances operational efficiency, reduces administrative costs, and improves process
reliability, particularly in digitally intensive environments. These findings suggest that operational E-HRM contributes directly to perfor-
mance outcomes by streamlining workflows and minimizing execution delays in fast-paced trading contexts.

H1: Operational E-HRM has a positive and significant impact on trader business performance.

3.2. The impact of relational E-HRM on trader business performance

Relational E-HRM is dedicated to the digital-assisted communication, learning, and relationship-based HR activities. It incorporates e-
learning, digital performance management systems, a communication system, and an interactive employee portal. Studies have shown that
relational E-HRM helps in improving coordination, employee engagement, and the development of the workforce.

Relational E-HRM has been effective in the trading field by improving teamwork, speed of information sharing, and perpetual learning,
aspects that promote decision-making and operational flexibility in the hands of the traders. Existing research emphasizes that digital HR
systems supporting communication, training, and performance feedback enhance employee coordination, engagement, and responsiveness.
In information-intensive trading environments, such relational mechanisms are shown to facilitate faster information exchange and collab-
orative decision-making, which are critical drivers of business performance.

H2: Relational E-HRM has a positive and significant impact on trader business performance.

3.3. The impact of transformational E-HRM on trader business performance

Transformational E-HRM is a set of digital systems to facilitate long-term planning, talent plans, and data-driven workforce choices. These
systems employ analytics, strategic dashboards, and Al-powered tools in order to enhance forecasting, workforce alignment as well and
strategic HR decision-making. To traders, transformational E-HRM reinforces the strategic preparedness, increases flexibility to market
variation, and the ability to build long-term capacity, and finally leads to better business performance. The literature on strategic HR
digitalization highlights the role of analytics-driven workforce planning, talent forecasting, and strategic alignment in building long-term
organizational capability. These studies suggest that transformational E-HRM influences business performance by enabling data-driven
strategic decisions and enhancing organizational adaptability.

H3: Transformational E-HRM has a positive and significant impact on trader business performance.

3.4. The impact of the quality of accounting information systems on trader business performance

The quality of accounting information systems (QAIS) determines the integrity, reliability, and usability of financial and transactional
information. High-quality systems enhance organizational transparency, improve reporting accuracy, and support informed decision-mak-
ing.

In trading environments, where decisions depend heavily on real-time data, reliable accounting information systems contribute directly to
better performance by reducing errors, improving forecasting, and strengthening financial control mechanisms. Prior accounting and in-
formation systems research demonstrates that high-quality accounting information systems improve decision accuracy, financial transpar-
ency, and operational control. In trading environments characterized by rapid transactions and information asymmetry, such system quality
is consistently associated with superior performance outcomes. Contingency-based and dynamic capability perspectives suggest that the
effectiveness of digital HR practices depends on the quality of complementary information systems. Accounting information system qual-
ity, therefore, is expected to condition the extent to which E-HRM practices translate into performance gains by shaping data reliability,
integration, and decision confidence.

H4: The quality of accounting information systems has a positive and significant impact on trader business performance.
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3.5. Moderating role of QAIS on the relationship between operational E-HRM and business performance

Operational E-HRM helps to increase the efficiency of operations internally, although it may be based on the quality of the financial and
administrative information on which daily trading operations are based. Good accounting systems mean that the payroll data is good, the
cost data is good, and the reporting is good. This enhances the working effect of E-HRM and decision-making.

Therefore, the quality of accounting information systems increases the returns of operation E-HRM towards elevated levels of trader busi-
ness performance.

HS5: The quality of accounting information systems positively moderates the relationship between operational E-HRM and trader business
performance.

3.6. Moderating role of QAIS on the relationship between relational E-HRM and business performance

Relational E-HRM enhances communication and coordination- but again, its efficiency requires the accuracy and reliability of the financial
and operational data shared among employees. The quality of the accounting information system can add value to the relational E-HRM
by increasing transparency, enabling real-time teamwork, and supporting internal communication.

Within such environments, relational E-HRM interaction with system quality results in a better business performance, particularly in data-
based trading processes.

H6: The quality of accounting information systems positively moderates the relationship between relational E-HRM and trader business
performance.

3.7. Moderating role of QAIS on the relationship between transformational E-HRM and business performance

Transformational E-HRM assists in strategic planning and HR development toward the future. Its efficiency is always enhanced in situa-
tions where the quality of accounting information systems delivers dependable financial and operational insights to long-term planning.
Quality data enhances the strategic forecasting, risk evaluation, and the matching of human resources. Thus, an effective accounting infor-
mation system can maximize the strategic role of transformational E-HRM on the business performance of traders. Strategic HR and
accounting literature emphasizes that high-quality accounting systems enhance the effectiveness of long-term planning and analytics-driven
HR initiatives, implying a complementary interaction between QAIS and transformational E-HRM.

H7: The quality of accounting information systems positively moderates the relationship between transformational E-HRM and trader
business performance.

4. Research Methodology

The sampling method used in the study was a stratified random sampling in order to have a varied representation across the trading-related
contexts. The categories of traders were used to define the strata; these were retail traders, wholesale traders, financial market traders, e-
commerce traders, and service-oriented trading firms. The inclusion criteria included in the selection of the organizations were as follows:
1) They carry out their activities in the Jordanian trading environment in a formal manner.

2) Have a minimum number of staff involved in trading or trading support activities.

3) Have introduced or are in the process of introducing electronic human resource management (E-HRM) tools in their operation.

4) Use accounting information systems to report on financial and operational.

The proposed stratification methodology guaranteed the detailed coverage of the role of E-HRM impacting the business performance of
traders via mediation-moderation hypotheses in the study. In this manner, the hypotheses were formulated and measured in the form of a
quantitative parameter collecting numerical data and implementing statistical tools to analyze the dependencies between operational E-
HRM, relational E-HRM, transformational E-HRM, trader business performance, artificial intelligence, and quality of accounting infor-
mation systems. The cross-sectional survey design was used to gather data at one time only, which is appropriate to determine the effect
of digital tools of HR on trader performance and the moderating role of accounting information systems. The method will enable gathering
of data on a large sample in various trading sectors, and will enable the analysis of relationships among variables to be strong. The popu-
lation of the study was divided into business owners, trader supervisors, HR officers of trading companies, and administrative and financial
personnel having a direct relation to business trading. There was a stratified random sampling process ensuring equal representation of the
retail, wholesale, financial market, e-commerce, and service traders. The Cochran formula was applied in calculating the necessary sample
size (margin of error of 5% and confidence level of 95). The sample size calculated was 385 respondents as the minimum sample size. The
sample size was raised to 500 to achieve sufficient statistical power and to counter the influence of the possible non-response or partial
submission. The structured questionnaire was administered to gather data; in the questionnaire, closed-ended items with measures in the
form of the 5-point Likert scale were implemented (strongly disagree, strongly agree, etc.). The survey was carried out through electronic
transmission via Google Forms to other people in various fields of trade. Sampling frame was created on the basis of publicly accessible
commercial directories, databases of the Ministry of Industry, Trade and Supply, and industry-based directories of retail and financial
traders. The companies were contacted using email and phone to confirm the existence of E-HRM tools and accounting information systems
before they were included. Random selection in each trading stratum was done through a random number generator from a list of eligible
participants who were numbered. Among the 500 questionnaires that had been handed out, 387 valid questionnaires were received, and
this is a response rate of 77.4%. Representation was kept in the sectors: retail traders (n=80), wholesale traders (n=76), financial market
traders (n=78), e-commerce traders (n=75), and service-based trading firms (n=75). Preexisting literature in terms of a validated scale was
modified in this research. Operational, relational, and transformational E-HRM measures were based on the existing E-HRM models that
evaluate the digital HR practices. The performance of the trader's business was found by the indicators that are related to their profitability,
accuracy of the decision, efficiency of the process, and responsiveness in the trading conditions. The use of artificial intelligence was
measured using the past scales that tested the digital decision-support and automation tools. The quality of the accounting information
system was gauged by evaluating criteria that determined the accuracy, timeliness, data integrity, and quality system integration. In order
to achieve content validity, the items of the questionnaire were reviewed by the domain experts of HRM, digital systems, and trading
operations, to check the relevance and suitability. Construct validity was established using exploratory and confirmatory factor analysis,
and the indicators loaded in their theoretical constructs. The level of reliability was determined by determining Cronbach's alpha, whose
value above 0.70 showed good internal consistency. Ethics were put into consideration. The participants were told about the nature of the
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study, they were made to believe that their answers would not be used against them, and they were made aware that the collected data
would not be used in any other way, except academically. There was no collection of personal identifiers, and absolute anonymity was
guaranteed. Such a methodology design was able to support the strength of data collection and analysis, offering a strong base in testing
the mediation-moderation model between E-HRM, artificial intelligence, the quality of accounting information systems, and trader business
performance.

5. Data Analysis

Internal consistency reliability, convergent and differentiating validity were used to test the reliability and validity of the measurement
model. The internal consistency reliability was evaluated using Cronbach's Alpha (rho a ) and composite reliability (rho c), whereas the
convergent validity was measured with the help of the average variance extracted (AVE). The rho a values were all greater than the
recommended value of 0.7, which was a good indicator of strong internal consistency between constructs. On the same note, the values of
rho c on all variables were greater than 0.7, which validates sufficient reliability in the scales. Besides, the AVE of all constructs was high
in terms of exceeding the acceptable level at 0.5, which indicates satisfactory convergent validity. Given the very high explanatory power
of the model for Business Performance (Adjusted R? = 0.913), additional diagnostic tests were conducted to assess potential model over-
fitting and common method variance, following established PLS-SEM recommendations. The results indicate that all VIF values fall below
the conservative threshold of 3.3, suggesting that multicollinearity and common method bias are unlikely to distort the estimated relation-
ships. In addition, Harman’s single-factor test was employed as a supplementary diagnostic. The results revealed that no single factor
accounted for the majority of variance among the measurement items, indicating that common method variance does not pose a serious
concern. Collectively, these diagnostic results confirm that the high explanatory power of the model reflects strong theoretical specification
and meaningful empirical relationships rather than statistical overfitting or methodological artifacts. Table 1 provides these results.

Table 1: Factor Loading

Variables Items Factor loading Cronbach’s Alpha rho-a rho-c AVE
All 0.847
AI2 0.776
Artificial Intelligence AI3 0.871 0.888 0.889 0.918 0.692
Al4 0.837
AI5 0.825
BP1 0.834
. BP2 0.826
Business Performance BP3 0.848 0.839 0.841 0.892 0.674
BP4 0.776
OE1 0.845
OE2 0.851
. OE3 0.804
Operational E-HRM OF4 0911 0.93 0.964 0.944 0.736
OES 0.879
OE6 0.845
DAIS1 0.758
DAIS2 0.863
. DAIS3 0.825
Quality of AIS DAIS4 0.844 0.899 0.902 0.923 0.665
DAISS 0.817
DAIS6 0.783
REIL 0.748
RE2 0.783
Relational E-HRM RE3 0.808 0.867 0.872 0.904 0.653
RE4 0.873
RES5 0.748
TE1 0.75
TE2 0.851
Transformational E-HRM TE3 0.792 0.856 0.855 0.897 0.636
TE4 0.732
TES5 0.854

According to Table 1, the measurement of artificial intelligence was done with five items, whereby factor loading ranged between 0.776
and 0.871, which is a high association between the indicators and the latent construct. The Cronbach's Alpha and rho a values were found
to be beyond the 0.70 threshold, and this indicates high internal consistency. Equally, the composite reliability (rho ¢ = 0.918) value was
high, and the AVE value at 0.692 was good to show a good convergent validity that the construct is capturing a large percentage of its
variance. There were four items of business performance with the factor loading of between 0.776 and 0.848. Although the Cronbach Alpha
and rho a were not below the recommended standards, the internal consistency between the items was acceptable. The construct integrity
was proved by the composite reliability value (0.892), and the AVE value of 0.674 supported the idea of sufficient convergent validity
because it proved that over half of the variance is covered by the indicators. Operational E-HRM was operationalized on six items, the
factor loadings of which varied from 0.804 to 0.911. These values show high degrees of association between the items and the construct,
and this proves the high levels of indicator reliability. The Cronbach's Alpha and rho-a were significantly higher than the threshold, and it
was ensured that the internal coherence is high. The composite reliability was good with the rho ¢ value of 0.944 and the AVE of 0.736,
indicating high convergent and construct validity, respectively, and implies that the construct measures a significant proportion of the
variation in the items. Quality of accounting information systems (QAIS) had six items, and factor loadings were between 0.758 to 0.863.
There is a good item construct fit in these values. The values of the Cronbach's Alpha and rhoa were greater than 0.70, which means that
the internal consistency of the items is high. The composite reliability (0.923) established high reliability, and the AVE set at 0.665 proved
sufficient convergent validity as indicators of QAIS have always explained a significant amount of construct variance. There were five
items used to measure relational E-HRM, with factor loadings ranging between 0.748 and 0.873. The reliability measures (Cronbach's
Alpha and rho a) were more than recommended values, which proved that there was a high level of internal cohesiveness between the
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indicators. The composite reliability of 0.904 was a good indicator of reliability, and the AVE of 0.653 indicated that the items represented
the construct satisfactorily. Such findings confirmed that there was convergent validity of relational E-HRM in the general model. Trans-
formational E-HRM comprises five items, which have a factor loading of between 0.732 and 0.854. These values of factor loading showed
that they were highly aligned with the construct in the background. There was a high value of Cronbach's Alpha and rho a, and the composite
reliability of 0.897 indicated the reliability of the measurement scale. The convergent validity was also supported by the AVE of 0.636,
which indicated that the construct was able to capture the variance that was being measured by items. In general, the measurement model
was found to have excellent psychometric characteristics in all the constructs. Factor loadings indicated sufficient indicator reliability, and
Cronbach's Alpha, rho a, and rho c indicated a great internal consistency and composite reliability. The values of all the AVE were greater
than 0.50, which assured enough convergent validity. Together, these findings prove that the measurement model is dependable and valid,
and it can be used to assess the structural models in further research, such as testing the mediation and moderation relationship hypotheses
in the conceptual framework.

5.1. Demographic variables

Table 2: Demographic Profiles of the Respondents

Demographic Variable Category Frequency Percentage (%)
Gender Male 228 58.9
Female 159 41.1
18-24 62 16.0
Ao 25-34 130 33.6
3544 106 27.4
45 and above 89 23.0
High School 78 20.2
. Bachelor’s Degree 124 32.0
Eeien Ll Master’s Degree 105 27.1
PhD 80 20.7
Less than 1 year 55 14.2
. 1-5 years 154 39.8
Vs B qpeilnes 6-10 years 114 29.4
More than 10 years 64 16.5
Retail Trading 112 29.0
Wholesale Trading 88 22.7
Business Sector E-commerce Trading 74 19.1
Financial Market Trading 63 16.3
Service-based Trading 50 12.9

The main target of the study was the traders, supervisors, HR personnel in support of the trading activities, and administrative personnel
in the implementation of electronic human resource management (E-HRM) systems in trading environments. Although the majority of the
responses were collected among traders and employees of the trading sector, some of the sample population consisted of operational-level
employees and support staff who use the digital HR tools as part of the daily trading activity. Their replies augment the data by providing
an idea of the daily lives of the digital Hr application in the retail trading, wholesale distribution, e-commerce trading, and financial market
trading. The demographic factors are needed as important measures of diversity, experiences, and capabilities of individuals involved in
the study. Gender, age, education level, work experience, and trading sector are just a few examples of variables that indicate more general
social, economic, and professional processes, which, in turn, affect the way E-HRM adoption and performance outcomes are perceived.
The systematic nature and understanding of these variables give an overview of population characteristics, aid in the development of the
hypothesis of the possible relationships between these variables, and give the study a more contextual basis. Demographic distribution
knowledge can also help in determining patterns that are applicable in the digital adoption, skill preparedness, and system use among the
workforce in the trading sector. Table 2 shows the demographic profiles of the respondents. Out of the 387 respondents who participated
in the study, 364 were men, and 231 were women. Among these, 228 males (58.9) and 159 females (41.1) were found, as there is a higher
prevalence of male involvement in occupations involving trading and the market, as a rule. The most significant share of the population
was comprised of those who are between the ages of 25 to 34 years (33.6%), then the respondents aged 35-44 years (27.4%). This implies
that the sample will be comprised of early and mid-career traders, who are more likely to be flexible to digital transformation and E-HRM
tools. As far as education level was concerned, 32% had a bachelor's degree, and 27 percent had a master's degree. It shows that the sample
is fairly well educated, which is very pertinent in the research on digital systems and data-driven trading practices. Experience of work was
also not the same; 39.8% of the respondents had 1-5 years of experience, 29.4% had 6-10 years of experience, and this indicates that we
have both an experienced workforce and a workforce that is just beginning. The identification of industries was adjusted to the trading
industry that was considered in the research. The most represented were retail traders (29%), after wholesale, e-commerce, service traders,
and financial market traders. This variety made sure that the results reflected various aspects of the trader's business performance under E-
HRM systems. The demographic information that can be found in Table 2 is reflective of a balanced and contextually applicable sample
that offers a credible analysis of digital HR practices in trader settings.

Table 3: Discriminant Validity (HTMT)

Artificial In- Business Per- Operational Quality of Accounting In- Relational Transformational
telligence formance E-HRM formation Systems E-HRM E-HRM

Artificial Intelligence

Business Performance 0.84

Operational E-HRM 0.335 0.319

Quallt}_/ of Accounting In- 0.674 0708 0345

formation Systems

Relational E-HRM 0.7 0.716 0.389 0.541

Transformational E-HRM 0.564 0.592 0.387 0.737 0.503

Table 3 contains the values of the Heterotrait-Monotrait Ratio (HTMT) applied to measure the discriminant validity. An HTMT of less
than 0.85 (strict measure) or 0.90 (a value embraced by most authors in studies of HRM and digital transformation) shows that constructs
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are empirically distinct, and their overlap is not conceptual. Table 3 shows that all the HTMT values are within acceptable limits. The
correlation between Artificial Intelligence and Business Performance (0.84) does not reach the threshold, which proves that the constructs
are closely related but separate at the same time. The values of Operational E-HRM and the other constructs (0.335-0.389) are rather low,
which is the indication of clear differentiation and high-level discriminant validity. Quality of Accounting Information Systems also demon-
strates good levels of HTMT (0.345-0.737), which means that the construct is not theoretically dependent, has significant theoretical links
to E-HRM dimensions, and business performance. Relational E-HRM shows moderate levels of HTMT (0.7000.716), which are comfort-
ably below the mark, proving that relational digital HR practices are still empirically independent of other constructs. Transformational E-
HRM also demonstrates satisfactory values (0.5030.737), which confirms that it is a valid strategic HR dimension that inherently is the
one that tends to have stronger correlations with Al and performance-related variables. In general, the HTMT findings prove that Artificial
Intelligence, Business Performance, Operational E-HRM, Relational E-HRM, Transformational E-HRM, and Quality of Accounting In-
formation Systems are all constructs that are empirically different. This strengthens the validity of the measurement model and justifies its
appropriateness in the further structural analysis, such as the analysis of the mediating and moderating relationships.

Table 3: Discriminant Validity ( Fornell-Larcker Test)

Artificial In- Business Per- Operational Quality of Accounting In- Relational Transformational
telligence formance E-HRM formation Systems E-HRM E-HRM

Artificial Intelligence 0.832

Business Performance 0.956 0.821

Operational E-HRM 0.325 0.298 0.858

Quolityy it Aomonilingg fi= g 2o 0.615 0.32 0.816

formation Systems

Relational E-HRM 0.619 0.615 0.37 0.479 0.808

Transformational E-HRM 0.494 0.5 0.344 0.648 0.431 0.798

Table 3 indicates the Fornell-Larcker discriminant validity findings. The criterion stipulates that the square root of the AVE of each con-
struct (on the diagonal) should be larger than its correlation with other constructs. The findings indicate that this requirement has been met
in all the variables, which supports the idea that each construct measures a distinct conceptual field in the research. Artificial Intelligence
(0.832) is above its correlation with the other constructs, although its correlation with Business Performance is also relatively high. Business
Performance also exhibits sufficient discriminant validity with the diagonal value (0.821) greater than the correlations of 0.298 to 0.615.
Operational E-HRM has a diagonal of 0.858, which is much higher than all the inter-constructs, which proves its unique presence in the E-
HRM model. Quality of Accounting Information Systems is a diagonal of 0.816, a higher value than in its correlations with other constructs,
which supports the fact that quality of Accounting Information Systems is a distinct dimension that is system-related. The value of Rela-
tional E-HRM (0.808) also surpasses all the associated correlations, which proves that relational elements of digital HR practices are still
empirically differentiable. Transformational E-HRM equally meets the criterion with a diagonal of 0.798, which proves its status of being
a unique higher-order strategic construct. In general, the Fornell-Larcker test proves that the constructs show an appropriate discriminant
validity. This contributes to the soundness of the measurement model, and the study can go further to structural model testing, which
involves the testing of the mediation and moderation effects.

Table 4: R-Square Adjusted

Variable R-square R-square adjusted
Artificial Intelligence 0.59 0.581
Business Performance 0913 0913

The R-SQ and R-SQ adjusted of the two endogenous constructs are as in Table 4, which shows the power of the model to explain. The
adjusted value of R-square is 0.581, indicating that Al adoption in a trading-based scenario can be described by the predictors of the model
to 58.1 percent, which is a high degree of explanatory power of the model on behavioral and technological constructs. Business Performance
shows an even greater value of R-Sq adjusted of 0.913, indicating that Operational E-HRM, Relational E-HRM, Transformational E-HRM,
Artificial Intelligence, and a moderating factor of Accounting Information System quality explain more than 91 percent of its variance.

5.2. Structural model

After the reliability and validity of the measurement model were confirmed, the structural model was evaluated to ascertain the support
that the proposed relationships between the study variables had. The analysis was aimed at analyzing the predictive validity of the model,
the relevance of the theorized paths, and the degree to which E-HRM dimensions, Artificial Intelligence, and the quality of accounting
information systems can explain the performance of the traditional business. The model was found to be highly predictive as the values of
R-squared represented significant explanatory variance in both Artificial Intelligence and Business Performance. The structural analysis
also gave an idea of how the working, relational, and transformational E-HRM all combine to influence performance results. The moder-
ating role of the quality of Accounting Information Systems helped to understand how the accuracy of the information, the reliability of
the system used, and the integrity of the reporting system reinforced or diluted the relationships. Moreover, the model also incorporates the
concept of Artificial Intelligence as it underlines the rise of smart digital solutions to improve decision-making and performance in the
trading settings. In general, the structural model provides detailed insight into the interaction of digital HR practices and quality of systems
to determine the business performance of the trader, which forms the basis of further hypothesis testing and causal evolution interpretation.
Under these psychometric conditions, the structural model was examined to identify the degree to which Operational, Relational, and
Transformational E-HRM has a relationship with the performance of the trader business. Moreover, the moderating value of Quality of
Accounting Information Systems and the effect of Artificial Intelligence were also considered to learn the impact of digital capabilities on
transforming performance outcomes in trading settings. Figure 2 is the structural pathways, and displays the relationships that were tested
in the model.
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5.3. Hypothesis testing

This section is the part that provides the result of hypothesis testing based on the structural model, which tests the contribution of the
dimensions of the Electronic Human Resource Management, Artificial Intelligence, and the Quality of Accounting Information Systems
to the performance of the trader business. The conceptual framework and moderating relationships were tested with structural equation
modeling (SEM) through SmartPLS. The t-statistics, p- p-values, standard deviation, and path coefficients in Table 5 were used to give an
understanding of the strength and significance of the theoretical associations. The initial hypothesis was aimed at the direct effect of
Operational E-HRM on business performance. The outcome (=0.101, p =0.033) proves that the effect is positive and significant, meaning
that digital operational HR practices can play an important role in the performance results in trading settings. These measures make trans-
actional operations easier, workforce operations smoother, and improve operational continuity, which causes performance improvements
to be measured. The second hypothesis tested the influence of Quality of Accounting Information Systems on business performance.
According to the findings (y*> = 0.269, p = 0.000 ), there is a strong and significant relationship between the reliability of accounting
information, the accuracy of accounting information, and the high integrity of accounting information, and the trader performance in terms
of performance enhancement, informed decision-making, and operational uncertainty reduction. The proposed framework distinguishes
clearly between mediation and moderation mechanisms. Artificial Intelligence is conceptualized as a mediating mechanism that explains
how Electronic Human Resource Management (E-HRM) practices translate into improved business performance. In contrast, the Quality
of Accounting Information Systems (QAIS) is modeled as a moderating mechanism that explains when and under what conditions E-HRM
practices exert stronger or weaker effects on performance outcomes. This distinction ensures conceptual clarity by separating the transmis-
sion process of digital value creation from the contextual conditions that shape its magnitude.

Table 5: Hypothesis Testing

Original sam- Standard devia- T statis- P val-
ple tion tics ues
Operational E-HRM -> Business Performance 0.101 0.047 2.136 0.033
Quality of Accounting Information Systems -> Business Performance 0.269 0.053 5.066 0.000
Quality of Accounting Information Systems x Operational E-HRM -> Business Per- 0246 0,059 4144 0.000
formance
Slgilcléy of Accounting Information Systems x Relational E-HRM -> Business Perfor- -0.065 0.061 1.070 0285
Quality of Accounting Information Systems x Transformational E-HRM -> Business 0104 0031 3341 0.001
Performance
Relational E-HRM -> Business Performance 0.308 0.057 5.427 0.000
Transformational E-HRM -> Business Performance 0.016 0.042 0.385 0.701

The moderating hypotheses also involved the relationship between Accounting Information System quality and various E-HRM dimen-
sions. Relationship between AIS quality and Operational E-HRM achieved a significant negative relationship (f = -0.246, p = 0.000), so
that relations with stronger system quality yield less incremental benefit of operational HR digitalization- this could be because well-
attained system quality already offers enough structure and control. On the other hand, the AIS quality/Transformational E-HRM interac-
tion was significantly positive ( = 0.104, = 0.001), meaning that a well-developed system quality elevates the strategic impact of the
transformational HR practices in the performance, especially elevating the strategic fit and capability development over time. Nevertheless,
the moderation between AIS quality and Relational E-HRM was weak ( =-0.065, p = 0.285), which means that the quality of systems does
not significantly change the effectiveness of such relational HR practices as communication, digital collaboration, and employee support
systems. The immediate impacts of the relational and transformational aspects of E-HRM were also put to the test. The Relational E-HRM
demonstrated a significant and strong influence on the business performance ( 0.308, p = 0.000), which means that the digital communica-
tion and other employee engagement mechanisms, as well as relationship-based HR tools, have a significant impact on the business per-
formance. On the contrary, Transformational E-HRM showed no remarkable direct effect (= 0.016, = 0.701), meaning that long-term HR
transformation programs might not have a direct positive effect on performance in the trading environment, without accompanying systems
or contextual considerations. All of these findings combined help to understand the role that various dimensions of E-HRM play in business
performance and the influence of conditions of system quality on such effects. They further indicate the digital HR practices that have a
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quick operational impact and those that need strategic alignment to create value. The structural model thus gives detailed support to the
theoretical premises of the study as well as explains how the digital HR and system capabilities affect the trader's business performance.

6. Discussion

The results of the current report provide good empirical evidence for the suggested framework that examines the impacts of various aspects
of the Electronic Human Resource Management (E-HRM), Artificial Intelligence, and the Quality of Accounting Information System on
the performance of traders' business in the digital trading context. The findings indicate that operational and relational practices of E-HRM
have a significant impact on improving business performance, but transformational E-HRM did not have any direct effect. This is a prac-
ticality in the real world of trading industries, where day-to-day relationship communication and operational accuracy have more impact
on performance results than long-term HR development programs. The fact that Operational E-HRM has a positive and significant impact
proves that digitally facilitated HR functions, including automated payroll, scheduling, and employee tracking, have direct performance
impacts and enhance the consistency of workflow, and minimize procedural inefficiencies. These results are consistent with the prior
studies that focus on the idea that the digitalization of operational HR activities increases the accuracy of administration and responsiveness
in operations. Equally, Relational E-HRM revealed that it significantly impacted performance, indicating the significance of digital com-
munication tools, engagement strategies, and HR service platforms in facilitating the interaction, coordination, and responsiveness of em-
ployees, which are the key concerns in performance in high-paced trading conditions. The quality of the Accounting Information System
(AIS) also became a key factor that determines the level of business performance. This impact is powerful and substantial, which contrib-
utes to the idea that quality and reliable financial information, proper reporting, and good-quality computer systems of accounting can
contribute to the decision-making processes, decrease the risks of performance, and improve the overall organizational performance. This
observation supports the strategic significance of the quality of AIS as a supporting capability that promotes the performance of infor-
mation-intensive industries like trading. The moderation outcomes give more information about the situational factors that change the
implications of the E-HRM practices. The high negative moderation between AIS quality and Operational E-HRM also indicates that the
further value of enhancing operational HR digitalization becomes smaller, where the level of accounting systems is already high in accuracy
and reliability. This implies that there could be a substitution effect, and this is that the structural reliability of the strong accounting systems
will lower the marginal performance benefits of further operational E-HRM improvements. On the other hand, the effect of Transforma-
tional E-HRM was greatly enhanced by the AIS quality. It implies that strategic HR activities, including developmental planning, digital
talent analytics, and capability building, can be more efficient with the quality information that is provided by the system. Under such
circumstances, AIS quality serves as a complementary ability that increases the strategic effectiveness of transformational HR practices.
But the moderating effect between AIS quality and Relational E HRM was not significant. This can show that relational HR practices,
communication, digital support, and collaboration are independent of the quality of the system and are rather dependent on interpersonal
or platform-specific forces as opposed to financial system accuracy or accounting. The result underscores the importance of differentiating
between operational, relational, and strategic HR practices in considering digital to performance connections. Moreover, the negligible
direct impact of Transformational E-HRM on business performance implies that strategic HR initiatives might need longer periods of time
or other organizational prerequisites to produce the performance outcomes. The fast trading environments, short-cycle, high-pressure op-
eration-based, might place a premium on short-term operational and relationship HR contributions over long-term transformation efforts.
Future studies can examine whether transformational E-HRM has an indirect contribution with the help of mediators like innovation capa-
bility, learning culture, or strategic alignment. In general, the findings affirm that digital HRM practices and quality of AIS are primary
digital capabilities that determine business performance in contemporary trading environments. The explanatory power of the model is
high, which supports the importance of applying HR digitalization, intelligent systems, and information accuracy in the performance
frameworks. These results add to the wider body of literature because they illustrate the functionality of various layers of digital HR
practices in the diverse system-quality settings, which can assist managers aiming to derive the most out of digital investments by focusing
on performance optimization. The mediation analysis demonstrates that Artificial Intelligence serves as a critical transmission mechanism
through which E-HRM dimensions influence trader business performance. While E-HRM practices provide digital structure and process
efficiency, Artificial Intelligence converts these inputs into predictive insights, automated decision support, and analytical intelligence.
This explains why Al operates as a mediator rather than a direct antecedent, reinforcing the role of intelligent systems in translating digital
HR practices into measurable performance outcomes in fast-paced trading environments.

The negative moderating effect of accounting information system quality on the relationship between operational E-HRM and business
performance can be theoretically explained through substitution and diminishing-returns logic. Operational E-HRM focuses on automating
routine HR activities such as payroll processing, attendance tracking, and administrative reporting. When the quality of accounting infor-
mation systems is already high, many of these control, accuracy, and compliance functions are effectively ensured at the system level. As
a result, the marginal performance contribution of additional operational HR digitalization decreases, producing a negative moderation
effect. From a dynamic capabilities perspective, this finding suggests that overlapping digital capabilities may substitute rather than com-
plement each other when they address similar operational efficiencies. High-quality accounting systems already provide standardized data
processing, reliability, and procedural control, reducing the incremental value created by further operational E-HRM investments. Conse-
quently, operational E-HRM yields stronger performance benefits in environments where accounting system quality is moderate or devel-
oping, while its impact diminishes as system quality reaches advanced levels.

6.1. Theoretical implications

This research is specific to the theoretical basis of digital human resource management as it shows how the three dimensions of E-HRM
operational, relational, and transformational bring about different contributions to the performance of the trader business. Based on the
current theory on digital management, the results indicate that operation and relational E-HRM are instantaneous performance-related
capacities, whereas transformational E-HRM is a strategic capacity in the long term, and may not always result in immediate performance
benefits in the context of highly dynamic trading. The high impact of the quality of accounting information system parties bolsters the
considered perspective that digital performance results rest upon the integrity, accuracy, and reliability of information structures that are
supportive of HR and business processes. One of the most important theoretical contributions is to explain in what circumstances the
interaction of digital and HR-related capabilities takes place. The observed negative moderation between the quality of AIS and the oper-
ational E-HRM indicates the existence of the substitution effect in that an increase in the accuracy of the system decreases the marginal
benefit of further operational digitalization. On the other hand, there is the positive moderation that entails transformational E-HRM, which
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implies a complementary relationship where high quality of the system enhances the strategic value of long-term HR efforts. These results
build on the current body of research because they demonstrate that digital capabilities do not positively affect performance across the
board, but instead influence are contingent on the nature of the HR practice and quality of supporting information systems. The great role
of Al in influencing the results of performance also proves that the theoretical place of Al is cross-functional digital asset enhancements,
making decisions, responsiveness, and analytical depth stronger in trading environments. By jointly modeling Artificial Intelligence as a
mediator and QAIS as a moderator, the study demonstrates that digital HR value creation depends both on internal transformation mecha-
nisms and on contextual system-quality conditions.

6.2. Practical implications

The findings provide practical advice to managers, HR leaders, and digital transformation practitioners in the trading organizations. To
begin with, organizations ought to pursue the enhancement of operational and relational E-HRM practices, since the dimensions prove to
have the most proximate and substantial involvement in business performance. Responsiveness and efficiency in the trading activities can
be directly increased by improving digital workflows, simplifying administrative processes, and improving communication and coordina-
tion systems. Second, the strong influence of AIS quality implies that companies should focus on investing in high-quality digital account-
ing packages. Daily decision-making is only possible through the assistance of reliable financial and operational data, but it is also the
stabilizing background that promotes the performance of the strategic HR initiatives. The leaders need to make sure that accounting plat-
forms are frequently updated, and have been well-integrated into HR systems, and can provide real-time and transparent information. Third,
the positive moderation between the quality of AIS and transformational E-HRM means that strategies of long-term HR development,
which include digital learning, strategic workforce planning, and capability-building programs, are more effective in the case of strong
information systems. Strategic HR programs should thus be combined with data-driven accounting and analytics tools in organizations to
enhance alignment of employee development with organizational objectives. Fourth, the HR and accounting systems should incorporate
Al abilities to reinforce decision-making. Predictive analytics, automated performance feedback, and Al-based training recommendations
can also add value to the E-HRM as well as AIS quality by providing more insight, minimizing delays, and increasing accuracy. Collec-
tively, these results confirm that investment in technology is not sufficient. The performance benefits are observed when the HR systems,
accounting systems, and intelligent tools are integrated in a digital context of an equal mix between the operational execution and strategic
development.

6.3. Limitations and future research directions

Even though this research can deliver significant findings on the connection between E-HRM, AIS quality, Artificial Intelligence, and
trader business performance, certain limitations are to be mentioned. To begin with, the cross-sectional research design does not facilitate
the researcher to measure long-term developmental impacts, especially on transformational E-HRM practices, which might need long-term
horizons in influencing performance. The future research must assume longitudinal designs to monitor the development of performance
results as digital HR systems get older. Second, there is the risk of perceptual bias when self-reported data is used, especially when esti-
mating the effectiveness of a system or employee experience. Further studies ought to combine various data sources, such as objective
performance measures, financial measures, and supervisor ratings, to increase validity and decrease the common method variance. Third,
this research was carried out in the framework of the trader business settings, in which the level of operational intensity and the speed of
decision-making are high. This, consequently may not apply to slower-paced or more hierarchical industries. The comparative analyses in
the industries like manufacturing, banking, or logistics may help to determine whether there are variations in the relative significance of
E-HRM dimensions across the business models. Fourth, the moderating findings show that the AIS quality has different interactions with
the HR practices based on their strategic level. In the future, it should be researched whether other moderators, including organizational
culture, digital readiness, leadership support, data governance, or employee technological competence, exist. These considerations might
provide more profound reasons as to why certain E-HRM dimensions are more competently converted into performance results. Lastly,
although the model can describe a large percentage of variation in the performance of business, some percentage lacks explanation. Other
types of digital constructs, including cybersecurity preparedness, digital talent analytics, or quality of platform integration, may be applied
to future work. These variables can be included to improve the knowledge of the impact of digital ecosystems on performance, especially
where performance speed and information accuracy are of crucial importance.

Acknowledgments

The author would like to express their gratitude to the Deanship of Scientific Research and Graduate Studies at Jadara University, Jordan,
for supporting the publication of this research.

References

[1] Aboramadan, M., Dahleez, K. A., Farao, C., & Alshurafa, M. (2021). Performance measurement and NPOs’ effectiveness: Does internal stakehold-
ers’ trust matter? Benchmarking: An International Journal, 28(8), 2580-2602. https://doi.org/10.1108/B1J-07-2020-0347.

[2] Ahmed, A., Bhatti, S. H., Golgeci, 1., & Arslan, A. (2022). Digital platform capability and organizational agility of emerging market manufacturing
SMESs: The mediating role of intellectual capital and the moderating role of environmental dynamism. Technological Forecasting and Social Change,
177, 121513. https://doi.org/10.1016/j.techfore.2022.121513

[3] Al Aina, R., & Atan, T. (2020). The impact of implementing talent management practices on sustainable organizational performance. Sustainability,
12(20), 8372. https://doi.org/10.3390/su12208372.

[4] Alawneh, O. M., Tawalbeh, J., & Aloqaily, A. N. (2025). Reveling the interrelationship of digital transformation and business intelligence techniques
to boost human capital development. Economics Innovative and Economics Research Journal, 13(1), 509-524. https://doi.org/10.2478/e0ik-2025-
0024.

[5]1 Jawabreh, O., Allahham, M., Alawneh, O. M., Almajali, W., & Al-Nsour, L. A. (2025). The impact of [oT on tourist satisfaction: The mediating role
of HRM capabilities in the hotel industry. GeoJournal of Tourism and Geosites, 62(4), 2158-2169. https://doi.org/10.30892/gtg.62415-1581.

[6] Alawneh, O. M., Allahham, M., Habeeb, A. F. H., Al-Nsour, I. A., & Jawabreh, O. (2025). Evaluating how big data analysis mediates the impact of
digital marketing strategies on tourism development in Jordan. GeoJournal of Tourism and Geosites, 62(4), 2053-2062.
https://doi.org/10.30892/gtg.62405-1571.


https://doi.org/10.1108/BIJ-07-2020-0347
https://doi.org/10.1016/j.techfore.2022.121513
https://doi.org/10.3390/su12208372
https://doi.org/10.2478/eoik-2025-0024
https://doi.org/10.2478/eoik-2025-0024
https://doi.org/10.30892/gtg.62415-1581
https://doi.org/10.30892/gtg.62405-1571

1118 International Journal of Accounting and Economics Studies

[7] Al Jabri, M. A., Shaloh, S., Shakhoor, N., Haddoud, M. Y., & Obeidat, B. Y. (2024). The impact of dynamic capabilities on enterprise agility: The
intervening roles of digital transformation and IT alignment. Journal of Open Innovation: Technology, Market, and Complexity, 10(2), 100266.
https://doi.org/10.1016/j joitmc.2024.100266.

[8] Alashgar, M. M., Abulehia, A. F. S., Atieh, A. A., Mahmoud, M. H., & Alzubi, M. M. S. (2025). Legal framework for regulating Al in smart cities:
Privacy, surveillance, and ethics. In 2025 International Conference for Artificial Intelligence, Applications, Innovation and Ethics (AI12E) (pp. 1-6).
https://doi.org/10.1109/A12E64943.2025.10983107.

[9]1 Aldoseri, A., Al-Khalifa, K. N., & Hamouda, A. M. (2024). Methodological approach to assessing the current state of organizations for Al-based
digital transformation. Applied System Innovation, 7(1), 14. https://doi.org/10.3390/asi7010014.

[10] Alhosani, F. H., & Ahmad, S. Z. (2024). Role of human resource practices, leadership and intellectual capital in enhancing organisational perfor-
mance: The mediating effect of organisational agility. Journal of Intellectual Capital, 25(4), 664—685. https://doi.org/10.1108/JIC-08-2023-0183.

[11] AlNuaimi, B. K., Singh, S. K., Ren, S., Budhwar, P., & Vorobyev, D. (2022). Mastering digital transformation: The nexus between leadership, agility,
and digital strategy. Journal of Business Research, 145, 636—648. https://doi.org/10.1016/j.jbusres.2022.03.038.

[12] Alos-Simo, L., Verdu-Jover, A. J., & Gomez-Gras, J.-M. (2017). How transformational leadership facilitates e-business adoption. Industrial Man-
agement & Data Systems, 117(2), 382—-397. https://doi.org/10.1108/IMDS-01-2016-0038.

[13] Algami, K., Agina, M. F., Khairy, H. A., Al-Romeedy, B. S., Farrag, D. A., & Abdallah, R. M. (2023). The effect of electronic human resource
management systems on sustainable competitive advantages: The roles of sustainable innovation and organizational agility. Sustainability, 15(23),
16382. https://doi.org/10.3390/su152316382.

[14] AlTaweel, I. R., & Al-Hawary, S. I. (2021). The mediating role of innovation capability on the relationship between strategic agility and organiza-
tional performance. Sustainability, 13(14), 7564. https://doi.org/10.3390/sul3147564.

[15] Alzubi, M. M. S., Alrifae, A. A. M., Mahmoud, M. H., & Atieh, A. A. (2025). Factors influencing business intelligence adoption by Jordanian private
universities. PaperASIA, 41(1b), 148—167. https://doi.org/10.59953/paperasia.v41i1b.378.

[16] Arsawan, I. W. E., Hariyanti, N. K. S., Atmaja, I. M. A. D. S., Suhartanto, D., & Koval, V. (2022). Developing organizational agility in SMEs: An
investigation of innovation’s roles and strategic flexibility. Journal of Open Innovation: Technology, Market, and Complexity, 8(3), 149.
https://doi.org/10.3390/j0itmc8030149.

[17] Asif, M., Yang, L., & Hashim, M. (2024). The role of digital transformation, corporate culture, and leadership in enhancing corporate sustainable
performance in the manufacturing sector of China. Sustainability. https://doi.org/10.3390/sul 6072651.

[18] Baiyere, A., Salmela, H., & Tapanainen, T. (2020). Digital transformation and the new logics of business process management. European Journal
of Information Systems, 29(3), 238-259. https://doi.org/10.1080/0960085X.2020.1718007.

[19] Balouei Jamkhaneh, H., Shahin, A., Parkouhi, S. V., & Shahin, R. (2022). The new concept of quality in the digital era: A human resource empow-
erment perspective. The TOM Journal, 34(1), 125—144. https://doi.org/10.1108/TQM-01-2021-0030.

[20] Baskarada, S., & Koronios, A. (2018). The 5S organizational agility framework: A dynamic capabilities perspective. International Journal of Or-
ganizational Analysis, 26(2), 331-342. https://doi.org/10.1108/1IJOA-05-2017-1163

[21] Berman, S. J. (2012). Digital transformation: Opportunities to create new business models. Strategy & Leadership, 40(2), 16-24.
https://doi.org/10.1108/10878571211209314.

[22] Biron, M., De Cieri, H., Fulmer, L., Lin, C.-H. V., Mayrhofer, W., Nyfoudi, M., Sanders, K., Shipton, H., & Sun, J. M. J. (2021). Structuring for
innovative responses to human resource challenges: A skunk works approach. Human Resource Management Review, 31(2), 100768.
https://doi.org/10.1016/j.hrmr.2020.100768.

[23] Bresciani, S., Ferraris, A., Santoro, G., & Kotabe, M. (2022). Opening up the black box on digitalization and agility: Key drivers and main outcomes.
Technological Forecasting and Social Change, 121567. https://doi.org/10.1016/j.techfore.2022.121567.

[24] Butt, J. (2020). A conceptual framework to support digital transformation in manufacturing using an integrated business process management ap-
proach. Designs, 4(3), 17. https://doi.org/10.3390/designs4030017

[25] Chakraborty, D., & Biswas, W. (2020). Articulating the value of human resource planning activities in augmenting organizational performance.
Journal of Asia Business Studies, 14(1), 62-90. https://doi.org/10.1108/JABS-01-2019-0025.

[26] Cheng, M., Li, X., & Xu, J. (2022). Promoting healthcare workers’ adoption intention of artificial-intelligence-assisted diagnosis and treatment: The
chain mediation of social influence and human-computer trust. International Journal of Environmental Research and Public Health.
https://doi.org/10.3390/ijerph192013311.

[27] Choudhury, A., Behl, A., Sheorey, P. A., & Pal, A. (2021). Digital supply chain to unlock new agility: A TISM approach. Benchmarking, 28(6),
2075-2109. https://doi.org/10.1108/B1J-08-2020-0461

[28] Chowdhury, S., Dey, P., Joel-Edgar, S., Bhattacharya, S., Rodriguez-Espindola, O., Abadie, A., & Truong, L. (2023). Unlocking the value of artificial
intelligence in human resource management through Al capability framework. Human Resource Management Review, 33(1), 100899.

[29] Creswell, J. W. (2021). 4 concise introduction to mixed methods research. SAGE. https://doi.org/10.1016/j.hrmr.2022.100899.

[30] Dahlbom, P., Siikanen, N., Sajasalo, P., & Jarvenpéd, M. (2020). Big data and HR analytics in the digital era. Baltic Journal of Management, 15(1),
120-138. https://doi.org/10.1108/BJM-11-2018-0393.

[31] Davidescu, A. A., Apostu, S.-A., Paul, A., & Casuneanu, 1. (2020). Work flexibility, job satisfaction, and job performance among Romanian em-
ployees. Sustainability, 12(15), 6086. https://doi.org/10.3390/sul2156086.

[32] Eisenbeiss, S. A., Van Knippenberg, D., & Boemer, S. (2008). Transformational leadership and team innovation. Journal of Applied Psychology,
93(6), 1438-1446. https://doi.org/10.1037/a0012716

[33] Fornell, C., & Larcker, D. F. (1981). Evaluating structural equation models with unobservable variables and measurement error. Journal of Marketing
Research, 18(1), 39-50. https://doi.org/10.1177/002224378101800104.

[34] Galanti, T., De Vincenzi, C., Buonomo, 1., & Benevene, P. (2023). Digital transformation: inevitable change or sizable opportunity? The strategic
role of HR management in Industry 4.0. Administrative Sciences, 13(2), 30. https://doi.org/10.3390/admsci13020030.

[35] Garg, S., Sinha, S., Kar, A. K., & Mani, M. (2022). A review of machine learning applications in human resource management. International Journal
of Productivity and Performance Management, 71(5), 1590-1610. https://doi.org/10.1108/IJPPM-08-2020-0427.

[36] Grassini, S. (2023). Shaping the future of education: Exploring the potential and consequences of Al and ChatGPT. Education Sciences.
https://doi.org/10.3390/educscil3070692.

[37] Gupta, S., Modgil, S., Gunasekaran, A., & Bag, S. (2020). Dynamic capabilities and institutional theories for Industry 4.0 and digital supply chain.
Supply Chain Forum: An International Journal, 21(3), 139-157. https://doi.org/10.1080/16258312.2020.1757369.

[38] Hair, J. F., Sarstedt, M., Hopkins, L., & Kuppelwieser, V. G. (2014). Partial least squares structural equation modeling. European Business Review,
26(2), 106-121. https://doi.org/10.1108/EBR-10-2013-0128.

[39] Hair, J. F., Sarstedt, M., Ringle, C. M., & Gudergan, S. P. (2017). Advanced issues in partial least squares structural equation modeling. SAGE.
https://doi.org/10.15358/9783800653614.

[40] Halid, H., Ravesangar, K., Mahadzir, S. L., & Halim, S. N. A. (2024). Artificial intelligence in human resource management. In Human Resource
Management in the Digital Era (pp. 37-70). Springer. https://doi.org/10.1007/978-3-031-52811-8 2.

[41] Hanelt, A., Bohnsack, R., Marz, D., & Marante, C. A. (2021). A systematic review of the literature on digital transformation. Journal of Management
Studies, 58(5), 1159—1197. https://doi.org/10.1111/joms.12639.

[42] Harsch, K., & Festing, M. (2020). Dynamic talent management capabilities and organizational agility. Human Resource Management, 59(1), 43—61.
https://doi.org/10.1002/hrm.21972.

[43] Hasan, E. F., Alzuod, M. A., Al Jasimee, K. H., Alshdaifat, S. M., Hijazin, A. F., & Khrais, L. T. (2025). The role of organizational culture in digital
transformation and modern accounting practices among Jordanian SMEs. Journal of Risk and Financial Management, 18(3), 147.
https://doi.org/10.3390/jrfm 18030147


https://doi.org/10.1016/j.joitmc.2024.100266
https://doi.org/10.1109/AI2E64943.2025.10983107
https://doi.org/10.3390/asi7010014
https://doi.org/10.1108/JIC-08-2023-0183
https://doi.org/10.1016/j.jbusres.2022.03.038
https://doi.org/10.1108/IMDS-01-2016-0038
https://doi.org/10.3390/su152316382
https://doi.org/10.3390/su13147564
https://doi.org/10.59953/paperasia.v41i1b.378
https://doi.org/10.3390/joitmc8030149
https://doi.org/10.3390/su16072651
https://doi.org/10.1080/0960085X.2020.1718007
https://doi.org/10.1108/TQM-01-2021-0030
https://doi.org/10.1108/IJOA-05-2017-1163
https://doi.org/10.1108/10878571211209314
https://doi.org/10.1016/j.hrmr.2020.100768
https://doi.org/10.1016/j.techfore.2022.121567
https://doi.org/10.3390/designs4030017
https://doi.org/10.1108/JABS-01-2019-0025
https://doi.org/10.3390/ijerph192013311
https://doi.org/10.1108/BIJ-08-2020-0461
https://doi.org/10.1016/j.hrmr.2022.100899
https://doi.org/10.1108/BJM-11-2018-0393
https://doi.org/10.3390/su12156086
https://doi.org/10.1037/a0012716
https://doi.org/10.1177/002224378101800104
https://doi.org/10.3390/admsci13020030
https://doi.org/10.1108/IJPPM-08-2020-0427
https://doi.org/10.3390/educsci13070692
https://doi.org/10.1080/16258312.2020.1757369
https://doi.org/10.1108/EBR-10-2013-0128
https://doi.org/10.15358/9783800653614
https://doi.org/10.1007/978-3-031-52811-8_2
https://doi.org/10.1111/joms.12639
https://doi.org/10.1002/hrm.21972
https://doi.org/10.3390/jrfm18030147

International Journal of Accounting and Economics Studies 1119

[44] Henseler, J., Ringle, C. M., & Sarstedt, M. (2015). A new criterion for assessing discriminant validity. Journal of the Academy of Marketing Science,
43, 115-135. https://doi.org/10.1007/s11747-014-0403-8.

[45] Hernita, H., Surya, B., Perwira, 1., Abubakar, H., & Idris, M. (2021). Business sustainability and strengthening HR capacity of SMEs. Sustainability,
13(6), 3177. https://doi.org/10.3390/sul3063177.

[46] Holbeche, L. (2019). Designing sustainably agile and resilient organizations. Systems Research and Behavioral Science, 36(5), 668—677.
https://doi.org/10.1002/sres.2624.

[47] Huo, W., Zhang, Z., Qu, J., Yan, J., Yan, S., Yan, J., & Shi, B. (2024). Speciesism and preference of human—Al interaction. International Journal of
Human-Computer Interaction, 40(11), 2925-2937. https://doi.org/10.1080/10447318.2023.2176985.

[48] Imran, F., Shahzad, K., Butt, A., & Kantola, J. (2021). Digital transformation of industrial organizations. Journal of Change Management, 21(4),
451-479. https://doi.org/10.1080/14697017.2021.1929406.

[49] Kaber, D. B., & Endsley, M. R. (2004). Effects of automation level on performance and workload. Theoretical Issues in Ergonomics Science, 5(2),
113—153. https://doi.org/10.1080/1463922021000054335.

[50] Kambur, E., & Yildirim, T. (2023). From traditional to smart human resources management. International Journal of Manpower, 44(3), 422-452.
https://doi.org/10.1108/1JM-10-2021-0622.

[51] Katou, A. A. (2022). Human resources flexibility as a mediating mechanism. EuroMed Journal of Business, 17(2), 174-192.
https://doi.org/10.1108/EMJB-11-2020-0120.

[52] Khuntia, J., Saldanha, T., Kathuria, A., & Tanniru, M. R. (2024). Digital service flexibility. European Journal of Information Systems, 33(1), 61-79.
https://doi.org/10.1080/0960085X.2022.2115410.

[53] Khurana, 1., Dutta, D. K., & Ghura, A. S. (2022). SMEs and digital transformation during crisis. Journal of Business Research, 150, 623—641.
https://doi.org/10.1016/j.jbusres.2022.06.048.

[54] Kleynhans, D. J. (2022). Dynamic organisational capabilities and employee flourishing in a precarious work context. North-West University.

[55] Kraus, S., Jones, P., Kailer, N., Weinmann, A., Chaparro-Banegas, N., & Roig-Tiermno, N. (2021). Digital transformation: Overview of current re-
search. SAGE Open, 11(3), https://doi.org/10.1177/21582440211047576.

[56] Kuhn, K. M., Meijerink, J., & Keegan, A. (2021). HRM and the gig economy. Research in Personnel and Human Resources Management, 39, 1—
46. https://doi.org/10.1108/S0742-730120210000039001.

[57] Kwon, K., & Jang, S. (2022). There is no good war for talent. Employee Relations, 44(1), 94—120. https://doi.org/10.1108/ER-08-2020-0374.

[58] Leon, R. D. (2023). Employees’ reskilling and upskilling for industry 5.0. Technology in Society, 75, 102393. https://doi.org/10.1016/j.tech-
$0¢.2023.102393.

[59] Leso, H. B., Cortimiglia, M. N., Ghezzi, A., & Minatogawa, V. (2024). Exploring digital transformation capability. Review of Managerial Science,
18(4), 1149-1187.

[60] Madhani, P. M. (2021). Enhancing supply chain capabilities with blockchain deployment. IUP Journal of Business Strategy, 18(4), 7-31.
https://doi.org/10.1007/s11846-023-00692-3.

[61] Mahato, M., Kumar, N., & Jena, L. K. (2021). Rethinking gig economy post-COVID-19. Journal of Work-Applied Management, 13(2), 261-276.
https://doi.org/10.1108/JWAM-05-2021-0037.

[62] Mahmoud, M. H. (2025). Mitigating employee turnover in Jordanian private universities. Human Systems Management.
https://doi.org/10.1177/01672533251355888.

[63] Mahmoud, M. H., & Othman, R. (2023). Performance management system in developing countries. Journal of Public Affairs, 23(4), ¢2864.
https://doi.org/10.1002/pa.2864.

[64] Mahmoud, M. H., & Othman, R. (2024). Effects of NPM reforms on HR practices. Management and Labour Studies, 49(1), 149-176.
https://doi.org/10.1177/0258042X231185216

[65] McCartney, S., & Fu, N. (2022). Bridging the gap: When HR analytics impacts performance. Management Decision, 60(13), 25-47.
https://doi.org/10.1108/MD-12-2020-1581.

[66] Minbaeva, D. (2021). Disrupted HR? Human Resource Management Review, 31(4), 100820. https://doi.org/10.1016/j.hrmr.2020.100820.

[67] Mrugalska, B., & Ahmed, J. (2021). Organizational agility in Industry 4.0. Sustainability, 13(15), 8272. https://doi.org/10.3390/su13158272.

[68] Nambisan, S., Wright, M., & Feldman, M. (2019). Digital transformation of innovation and entrepreneurship. Research Policy, 48(8), 103773.
https://doi.org/10.1016/j.respol.2019.03.018.

[69] Nunnally, J. C., & Bemstein, I. H. (1994). Psychometric theory (3rd ed.). McGraw-Hill.

[70] Daoud, M. K., Sharabati, A. A., Samarah, T., Alqurashi, D., Alfityani, A., Allahham, M., & Nasereddin, A. Y. (2024). Optimizing online visibility:
A comprehensive study on effective SEO strategies and their impact on website ranking. Journal of Infrastructure, Policy and Development, 8(7),
4860. https://doi.org/10.24294/jipd.v8i7.4860.

[71] Sabra, S., Sharabati, A. A. A., Almajali, W. L., Allahham, M., & Alqurashi, D. R. (2024). The mediating effect of TQM on the relationship between
market orientation and organizational performance. Uncertain Supply Chain Management, 12(4), 2807-2816.
https://doi.org/10.5267/j.uscm.2024.4.021.

[72] Al-Daradkah, H. Y., Allahham, M., & Sabra, S. (2024). Sustainability as a Mediator of Artificial Intelligence's Impact on Reverse Logistics: Insights
from the Energy Sector. Pakistan Journal of Life & Social Sciences, 22(2). https://doi.org/10.57239/PJLSS-2024-22.2.00850.

[73] Alsammak, M. (2025). Adopting green knowledge management processes via core business processes to promote sustainable innovation. Quality —
Access to Success, 26(209), Article 14.

[74] Aljalely, A., & Alsammak, M. (2019). Cognitive transformation reflections based on the supply chain management and 5S requirements (An analyt-
ical descriptive study of a sample of workers in Zaki/Iraq factory in the province of Dohuk). International Journal of Supply Chain Management.

[75] Al-Sammak, M. A. J., Al-Hamamy, M. A., & Yaqoob, M. K. (2025). The role of open knowledge management in driving marketing innovation
within organizations: The mediating role of technology empowerment. Problems and Perspectives in Management, 23(4), Article 6.
https://doi.org/10.21511/ppm.23(4).2025.06.

[76] Al-Sammak, M. A.J., Al-Hamamy, M. A., Yaqoob, M. K., & Jassim, 1. M. (2025). Green knowledge to market performance: Does leadership bridge
the gap in Iraq's renewable energy companies. International Journal of Operations and Quantitative Management, 31(1), Article 5.

[77] Cao, L., Ahmad, S. F., Wang, Y., Jamal Shah, S., Ibrahim, M., Alhamdi, F. M., ... & Abbas, A. (2025). Examining the relationship of inflation, gross
domestic product, oil price, foreign direct investment, and trade openness on unemployment in Saudi Arabia. Humanities and Social Sciences Com-
munications, 12(1), 1-12. https://doi.org/10.1057/s41599-025-05059-5.

[78] Khaled, H.; Yahiya, A.; Ahmad, B.; Allahham, M.; Al-, M. Uncertain Supply Chain Management the Mediating Role of ICT on the Impact of Supply
Chain Management ( SCM ) on Organizational Performance ( OP ): A Field Study in Pharmaceutical Companies in Jordan. 2024, 12, 1251-1266,
https://doi.org/10.5267/j.uscm.2023.11.011.

[79] Alkhazaleh, A.; Assaf, A.; Shehada, M.; Almustafa, E.; Allahham, M. Analysis of the Impact of Fintech Firms’ Lending on the Expansion of Service
Base Companies in Jordan. Inf. Sci. Lett. 2023, 12, 2891-2902, https://doi.org/10.18576/is1/120837.

[80] Bataineh, A. Q., Abu-AlSondos, I. A., Almazaydeh, L., El Mokdad, S. S., & Allahham, M. (2023). Enhancing Natural Language Processing with
Machine Learning for Conversational Al 2023, 2023. https://doi.org/10.1049/icp.2024.0492.


https://doi.org/10.1007/s11747-014-0403-8
https://doi.org/10.3390/su13063177
https://doi.org/10.1002/sres.2624
https://doi.org/10.1080/10447318.2023.2176985
https://doi.org/10.1080/14697017.2021.1929406
https://doi.org/10.1080/1463922021000054335
https://doi.org/10.1108/IJM-10-2021-0622
https://doi.org/10.1108/EMJB-11-2020-0120
https://doi.org/10.1080/0960085X.2022.2115410
https://doi.org/10.1016/j.jbusres.2022.06.048
https://doi.org/10.1177/21582440211047576
https://doi.org/10.1108/S0742-730120210000039001
https://doi.org/10.1108/ER-08-2020-0374
https://doi.org/10.1016/j.techsoc.2023.102393
https://doi.org/10.1016/j.techsoc.2023.102393
https://doi.org/10.1007/s11846-023-00692-3
https://doi.org/10.1108/JWAM-05-2021-0037
https://doi.org/10.1177/01672533251355888
https://doi.org/10.1002/pa.2864
https://doi.org/10.1177/0258042X231185216
https://doi.org/10.1108/MD-12-2020-1581
https://doi.org/10.1016/j.hrmr.2020.100820
https://doi.org/10.3390/su13158272
https://doi.org/10.1016/j.respol.2019.03.018
https://doi.org/10.24294/jipd.v8i7.4860
https://doi.org/10.5267/j.uscm.2024.4.021
https://doi.org/10.57239/PJLSS-2024-22.2.00850
https://doi.org/10.21511/ppm.23(4).2025.06
https://doi.org/10.1057/s41599-025-05059-5
https://doi.org/10.5267/j.uscm.2023.11.011
https://doi.org/10.18576/isl/120837
https://doi.org/10.1049/icp.2024.0492

